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Abstract 
 

This paper aims to identify the impact of the Right to Education Act, 2009 on enrolments and test scores in India. 
I focus on the rule that private schools have to reserve 25% of enrolments for disadvantaged children to create 
intensity measures. I find that the Act increased the number of disadvantaged children enrolled in private schools. 
I use a difference-in-difference approach to isolate the impact of the Act on test scores and find mixed results with 
test scores decreasing by some measures.  
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1. Introduction 
 

In 2009, the Indian government passed The Right of Children to Free and Compulsory 

Education Act (RTE). The RTE Act stipulates that every child has the right to a free fulltime 

elementary education in a school that meets minimum standards. Eleven years after the 

passing of this potentially monumental Act, there has been little published work on the 

impacts of the RTE on student outcomes using district and microlevel data. This paper aims 

to identify the differential impacts of the law on district level enrolments and student level 

test scores by demographic subgroups. 

 

In India, hierarchical and social stratification on the basis of the caste system still prevails 

today. Disadvantaged groups have difficulties accessing agricultural land, education and 

health -- all indicators of well-being. In 2014, 32 million children (between six and thirteen) 

(National Sample Survey) had never enrolled in school while other reports estimate this 

number to be as high as 38 million. The majority of children who are not enrolled in school 

belong to disadvantaged groups. 

 

This paper focuses on certain rules of the Act, predominately the rule that all private schools 

have to set aside 25% of their enrolments for students who are disadvantaged and from 

economically weaker families (based on caste and socio-economic background). This rule on 

reservations has been cited as one of the most important stipulations in the Act as it places 

targeted pressure on private schools. (Shah and Steinberg 2019; Bhat 2017; Kingdon 2020). 

State governments are required to reimburse private schools for students admitted under the 

Act. Children classified as disadvantaged under the RTE criteria account for almost 70% of 

children in India and combined with those from ‘economically weaker sections’ results in at 

least 80% of the children in India. (Kingdon 2020) Despite the recent growth in the number 

of private schools in India, it is unclear how so many children who could qualify under this 

rule are going to benefit. Furthermore, when the demand for private school seats exceeds the 

supply, children applying to private schools under this rule are chosen based on lottery 

systems. Since the goal is to ensure free education for all those who choose it, it is unclear 

how this lottery system would lead to true compliance of the RTE's primary purpose of 

providing education for all. 
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In this paper, I estimate the impact of the Act on district level enrolment composition and on 

student level test scores. Using administrative data on schools, I construct two measures of 

intensity and use fixed effects and cross-sectional models to estimate the impact on district 

enrolment. I find a positive impact of the Act on private school enrolments and the share of 

disadvantaged children out of total enrolments. To examine the impact on learning outcomes, 

I use comprehensive child level survey data and linear probability models controlling for year 

effects. Surprisingly, I find that the Act has mixed effect on some learning outcomes and 

possibly negative impact on others.  

 

The subsequent sections are organised as follows: Section 2 explains the Indian context when 

the Act was passed as well as relevant literature, Section 3 describes the data used, Section 4 

outlines the models of enrolment and test scores before explaining the empirical strategy in 

Section 5. Section 6 examines the results and Section 7 discusses possible explanations for 

the results. Section 8 concludes the paper and illustrates possible policy implications.  

2. Background  
 

In this section, I discuss the Indian context within which the RTE Act was introduced and 

some features of the Act that are particularly relevant to this study. In India, hierarchical and 

social stratification on the basis of the caste system still prevails. In the Indian Constitution, 

disadvantaged groups are identified as Scheduled Castes (SCs) and Scheduled Tribes (STs). 

Affirmative action policies aimed at encouraging SC/ST enrolment in higher education and 

public sector jobs were introduced at the time of Indian independence in 1947. Affirmative 

action policies have also been introduced for Other Backward Classes, referred to as OBCs, 

which is used as a collective category for "socially and educationally backward" castes. 

Despite these affirmative action policies, there are still gaps in many social and economic 

indicators. According to UNDP India, these gaps are linked to deprivation of a large section 

of groups that have been historically excluded and discriminated against, namely, SCs, STs 

and OBCs. (Sukhadeo Thorat, Venkatesan, and Mahamallik 2007)  

 

As an illustration, the rural SC female literacy rate at the turn of the century was 24% and ST 

female literacy rate was 23% compared to 41% for non-SCT/ST females. Literacy gaps 

persist in urban areas with 40% for SC females, 54% for ST females and 70% for non-SC/ST 

females. Dropout rates as school participation progresses from primary school onward 
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increase and are higher for SC/ST compared to non-SC/ST. While there is a lack of data on 

OBCs, it is highly likely that trends are similar, in part evidenced by the prevalent reservation 

schemes that still exist across educational institutions and public sector jobs. There has been a 

long history in India of caste-based violence and discrimination that continues today.  

 

To reduce evident gaps in education, the Right of Children to Free and Compulsory 

Education Act (RTE) was passed by the Rajya Sabha (upper house elected by legislative 

bodies) in July 2009 and then by the Lok Sabha (lower house elected by the people) in 

August 2009. The RTE legislation was a consequence of Article 21-A that was inserted in the 

Constitution of India in 2002 in order to mandate, as per state law, the provision of free and 

compulsory education for all children between six and fourteen years old. Officially, the law 

went into effect on April 1st 2010 in all Indian states except Jammu and Kashmir. In the 

context of the Act, ‘Free Education for All’ is defined as all children, except in cases when 

parents choose for their children to be in schools that are not supported by the government, 

should not have to pay any fee that could be an obstacle to completing elementary education. 

‘Compulsory Education’ means that the appropriate government and local authorities have 

committed to ensuring that students between six and fourteen years of age are enrolled, attend 

and can complete elementary (primary and upper primary) education. 

 

The Act is enforced by both the Central and the State governments. Private schools must set 

aside 25% of their enrolments for students who are disadvantaged and from economically 

weaker sections. According to the RTE rules, disadvantaged children are those belonging to 

Schedule Castes (SC), Scheduled Tribes (ST) and Other Backward Castes (OBC). Children 

from the ‘economically weaker section’ are defined by slightly different annual household 

income thresholds in different states but these thresholds generally range from 1.5 to 2 lakh 

Indian rupees ($1,900 to $2,600 USD). In a way, the RTE Act provides a voucher to attend 

Indian private schools. There are two types of private schools in India, aided and unaided. 

Aided private schools receive government funding and are structured very similarly to 

government schools with respect to teacher hiring and management. Unaided private schools 

do not receive government funding and do not necessarily need to comply with the same 

government rules as government schools/aided private schools. (Singh and Bangay 2014)  

 

State governments are required to reimburse schools on a per-child basis for students 

admitted under the RTE Act. However, several states have not reimbursed private schools 
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and there have been reports of multiple year delays in payments.1 State governments have 

complained to the Central government that they are not in a position to pay the 

reimbursements in full. Prior literature has estimated that the per pupil costs in government 

schools are twice that of private schools. (Pritchett and Aiyar 2015) Private schools also resist 

complying with the 25% enrolment rule because they fear that if they accept money from the 

government, their autonomy is threatened and all their decisions will become subject to 

government purview. Private schools that charge fees between 50 ($1) and 600 ($10) Indian 

Rupees a month are categorised as ‘low fee paying’. (Singh and Bangay 2014) The majority 

of private schools are low fee paying due to lower teacher salaries as compared to 

government schools. There has been a steady increase in the number of private schools in 

India and a substantial rate of switching from government to private schools.  

 

The RTE Act mandates school requirements beyond the government ensuring free and 

compulsory education. The Act has stipulations for admitting students to age-appropriate 

classes in cases where children are currently not enrolled in school. The RTE Act has 

provisions related to pupil-teacher ratios, building and infrastructure standards, number of 

school working days, teacher working-hours and absenteeism, teacher qualifications and 

repeaters. 2 Prior literature has established a great deal of variation in the quality of teachers 

across states as well as within schools. High rates of teacher absenteeism and lack of 

qualifications have contributed to worsening teacher quality. Teacher absenteeism has been 

extensively documented as a huge problem in Indian schools. A study based on a nationally 

representative sample showed that 23.6% of teachers were absent during unannounced school 

visits and the salary cost of these absences is around $1.5 billion a year. (Muralidharan et al. 

2017) The Act outlines that no child can be held back a grade until they complete their 

elementary education (up to grade 8). Since there are many children who drop out of school 

due to fear of failing an examination, this rule was put in place in hopes of alleviating such 

fears and encouraging school continuation 

 

While these provisions are important to the overall functioning of schools and quality 

assurance, if enrolments are not impacted in any way due to the RTE Act, then it is not clear 

how the Act is effectively helping children out of school to become enrolled. 

                                                 
1 (‘Delay in Collecting Fees: Unable to Pay Staff, Say Private Schools in Tamil Nadu | Chennai News - Times of India’ 
2020; ‘Private Schools in Shock, as Government Halves per Child Expenditure under RTE Act’ 2019) 
2 (‘School Education: Right to Education Act | Government of India, Ministry of Human Resource Development’ n.d.) 
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While understanding the impact of the Act on enrolments is vital, gauging how learning is 

affected is integral, as it is not sufficient to have more children in school if they are not 

actually learning and the quality of their education is not properly assessed. Studies have 

previously found that even though rural primary school enrolment rates were above 96%, as 

few as 71.4% of students were present during visits to primary schools. There is significant 

variation in attendance rates across India with states such as Bihar and Uttar Pradesh having 

attendance rates between 50-60% and a cumulative population of over 350 million (Glewwe 

and Muralidharan 2016) 

 

Initially, the RTE Act was not applicable to certain types of schools; minority institutions 

were not expected to follow the rules of the Act. 3 The definition of a minority institution in 

India is not explicitly defined and has evolved over time. According to Article 30(1) in the 

Indian Constitution, linguistic and religious minorities have the right to establish and manage 

educational institutions, should they choose to. The existence of such institutions would 

allow disadvantaged minorities to participate in the education system and have increased 

access to education. 

 

Broad measures of learning outcomes are generally not available for all of India. This study 

examines test scores in rural districts in India as a proxy for the impact of the RTE on Indian 

learning outcomes generally. 70% of the Indian population lives in rural areas, so these 

estimates provide insight on how well over half the population has been impacted. 

 

Most existing literature has identified differences in enrolments and test scores at state levels, 

and while there are definitely differences in educational attainment and quality across states 

in India, there are also massive disparities in educational attainment and quality within states 

in India, i.e., across districts. The Act is associated with a dramatic decline in math and 

reading scores along with improving school infrastructure and school quality indicators such 

as pupil-teacher ratios. (Shah and Steinberg 2019; Bhat 2017) To my knowledge, there has 

not been as much work on the impact of the RTE on different groups (including different 

castes) in India in part because of the lack of frequent demographic data.4  

                                                 
3 (‘RTE Not Applicable to Minority Schools: SC’ 2014; ‘RTE Act Not Applicable to Minority Schools, Rules Supreme 
Court’ 2014) 
4 For example, since 2000, the only detailed district level representative economic and social census data available is in 2001 
and 2011.  
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3. Data 
 

Data on enrolments, test scores, regional economic conditions and household demographic 

factors were drawn from a variety of datasets.  

 

3.1 Enrolments 

 

District Information System for Education (DISE) is primarily used to study the impact of the 

RTE on enrolments at the district level. DISE data is captured yearly at the individual school 

level and is an administrative dataset that is collected by the Indian Ministry of Education. 

The data is collected yearly prior to September 30th of that particular year. This study uses 

data from 2005 to 2017.5 The year variable for each observation corresponds to the year in 

which that particular school year began -- thus for the school year 2012-13, the observation 

was categorised as 2012. DISE is intended to capture the universe of schools across India.  

 

For this study, the data was aggregated to the district level. The enrolment information in the 

DISE dataset was available as Total, SC, ST, and OBC enrolment. Each enrolment metric was 

further divided by student sex and grade levels. For this study, the enrolment data was 

restricted to grades 1 to 8 as the RTE mandates access to primary and upper primary 

schooling. Upper primary schooling in India is up to grade 8, or roughly 14 years of age. 

School facility and teacher-related information is also included in DISE. In addition to 

enrolment information, DISE also has information on school management (Department of 

Education, Private Aided, Private Unaided, Tribal, Madrasa), teacher qualifications, school 

infrastructure metrics and some school funding information.  

 

This paper is primarily focused on the RTE policy requiring the reservation of 25% of private 

school enrolments for children from disadvantaged and economically weaker sections. 

Private school enrolment varies across districts. Therefore, the impact of the Act is likely to 

differ across districts. In order to study the differential impact of the Act, proportions of 

private school seats in a district are calculated as follows: 

 

                                                 
5 The raw data from 2014 was unable to be downloaded completely and thus has not been used in calculations and the 
models in the sections below. 
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𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑆𝑆𝑆𝑆ℎ𝑃𝑃𝑃𝑃𝑜𝑜 𝑆𝑆𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆 𝑃𝑃𝑃𝑃 𝑃𝑃 𝐷𝐷𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃 𝑃𝑃𝑃𝑃𝑆𝑆ℎ 𝑦𝑦𝑃𝑃𝑃𝑃𝑃𝑃 = 𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑁𝑁𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢 𝑇𝑇𝑜𝑜 𝐸𝐸𝐸𝐸𝑢𝑢𝑇𝑇𝑇𝑇𝑇𝑇𝑢𝑢𝑢𝑢𝐸𝐸𝑇𝑇𝐸𝐸 𝑖𝑖𝐸𝐸 𝑃𝑃𝑢𝑢𝑖𝑖𝑃𝑃𝑇𝑇𝑇𝑇𝑢𝑢 𝑆𝑆𝑆𝑆ℎ𝑇𝑇𝑇𝑇𝑇𝑇 𝑖𝑖𝐸𝐸 𝑇𝑇 𝑑𝑑𝑖𝑖𝐸𝐸𝑇𝑇𝑢𝑢𝑖𝑖𝑆𝑆𝑇𝑇
𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑁𝑁𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢𝑢 𝑇𝑇𝑜𝑜 𝐸𝐸𝐸𝐸𝑢𝑢𝑇𝑇𝑇𝑇𝑇𝑇𝑢𝑢𝑢𝑢𝐸𝐸𝑇𝑇𝐸𝐸 𝑖𝑖𝐸𝐸 𝑇𝑇 𝑑𝑑𝑖𝑖𝐸𝐸𝑇𝑇𝑢𝑢𝑖𝑖𝑆𝑆𝑇𝑇

5F
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To assess enrolment trends over time, the district level share of total enrolment is calculated 

for all groups of eligible children in each year as follows: 

 
𝑆𝑆ℎ𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 𝐷𝐷𝑃𝑃𝑆𝑆𝑃𝑃𝐷𝐷𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝐷𝐷𝑃𝑃𝐷𝐷 𝑆𝑆𝑃𝑃𝑆𝑆𝐷𝐷𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆 =

𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑜𝑜 𝑁𝑁𝑆𝑆𝑁𝑁𝑁𝑁𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 𝑆𝑆𝑇𝑇 + 𝑆𝑆𝑆𝑆 + 𝑂𝑂𝑂𝑂𝑆𝑆 𝑆𝑆ℎ𝑃𝑃𝑜𝑜𝐷𝐷𝑃𝑃𝑃𝑃𝑃𝑃 𝐸𝐸𝑃𝑃𝑃𝑃𝑃𝑃𝑜𝑜𝑃𝑃𝐷𝐷 𝑃𝑃𝑃𝑃 𝐷𝐷𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃
𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑜𝑜 𝑁𝑁𝑆𝑆𝑁𝑁𝑁𝑁𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 𝑆𝑆ℎ𝑃𝑃𝑜𝑜𝐷𝐷𝑃𝑃𝑃𝑃𝑃𝑃 𝐸𝐸𝑃𝑃𝑃𝑃𝑃𝑃𝑜𝑜𝑃𝑃𝐷𝐷 𝑃𝑃𝑃𝑃 𝐷𝐷𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃  

 
 
The DISE data is reported by the School Head Master/Head Teacher through relevant state 

and district systems. Prior to national collection, the data is meant to be checked at the cluster 

and district level. Since this data is, to some extent, self-reported, there are likely to be 

additional errors in the school level data.  Not all private unaided schools provide information 

every year. 7 

 
3.2 Test Scores 

 

Test score data comes from the Annual Status of Education Report (ASER) which is an 

annual household survey conducted by Pratham. 8 ASER data is available at the household 

and the school level, so this study uses the household level data as test scores are collected at 

the household level. Household level data cannot be linked to the school level data as the 

children in the household data may not attend schools sampled in the school level data. 

Specific children cannot be tracked across different years as different households are sampled 

each year. Despite this limitation, the estimates capture the aggregate trends in test scores 

over time as the ASER data is representative at the district level of rural India. ASER survey 

data is chosen for this paper as it presents the only test score data in India that is 

representative at the district level over time. ASER is an annual nationwide survey that tests 

children’s ability to read text and do basic arithmetic. The ASER survey has been conducted 

every year since 2005. The data in this study is from 2007 to 2018. To note, the data for 2015 

and 2017 were not used in this study because those two surveys looked at a more specific 

cohort and answered different questions that were not relevant to this study. However, with a 

post treatment period consisting of 2011, 2012, 2013, 2014, 2016 and 2018, the trends in test 

                                                 
6 All figures are from DISE in 2005 to 2017 (except for 2014) 
7 (‘Reliability of Data’ n.d.) 
8 Pratham is an NGO in India that focuses on improving educational quality in India: https://www.pratham.org/about/ 

https://www.pratham.org/about/
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scores should be captured relatively consistently.  The survey is carried out by over 25,000 

volunteers who are able to survey around 700,000 children in 15,000 villages every year. 9 

 

ASER employs a two stage sampling design: the first stage consists of choosing random 

villages and the second stage is choosing random households within the villages. From 2006 

onwards, ASER’s village sample size has been 30 villages per district and 20 households are 

sampled per village. This results in a total of around 600 households surveyed per district. 

The number of districts differ slightly each year which is due to changes in district 

composition in India over time. In addition, ASER used the 2001 Indian census to sample 

until 2016 and then switched to the 2011 Indian census. In 2001, the total number of rural 

districts in the census was 585 and in 2011, the total rose to 640. Children between the ages 

of 5 and 16 are tested in the survey. Basic reading and arithmetic tests are consistent 

questions on all the ASER surveys and are thus used as the test score outcome in this study in 

order to compare scores over time and across rural India. In certain years, ASER has asked 

questions focused on reading comprehension and English specific questions but these are not 

consistent across time and are not focused on in this paper. (Ramaswami and Wadhwa 2007) 

The specific questions asked in the survey are the same for children of all ages, however, the 

questions are asked in order of increasing difficulty. The test scores are binary outcomes, 

taking the value of 1 if the child can do the task and 0 if not. The tasks below are in 

increasing order of difficulty level and the test score variables are coded as ‘can at least do’ 

the task. 

 
Reading Tests:  Math Tests: 
Can at least Read Letters Can at least Recognise Single Digit Numbers 
Can at least Read Words Can at least Recognise Double Digit Numbers 
Can at least Read Paragraphs (Grade 1 Level) Can at least Subtract 
Can at least Read a Story (Grade 2 Level) Can at least Divide 

 
For example, if a child can at least divide then that child can also recognise single digit 

numbers, double digit numbers and subtract. Similarly, if a child can at least read paragraphs, 

that child can also read letters and words. This paper also uses ASER data on the type of 

school a child attends (private, government or AIE centre school)10, household electricity 

connection, child’s gender and parental education.    

                                                 
9 (‘ASER over the Years - ASER Centre’ n.d.) 
10 Alternative and Innovative Education Centres operate in places with no recognised schools close by. In 2014, only 0.07% 
of the ASER sample attended AIE centres.  
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3.3 District Level Indicators 

 

In order to control for differences across districts in India, census data, night light luminosity 

and non-farm employment data are included.  

 

3.3.1 Population Census (2001) and Economic Census (2005 and 2013) 

 

Population enumeration data from the 2001 census is used it is the most recent period prior to 

the enactment of the Act for which census data is available. The 2001 census data contains 

information on the total population of each district, SC population, ST population and literacy 

rates. There is no information in the dataset on the number of OBC living in a particular 

district and the lack of data on OBC has been extensively documented previously. There are 

limitations to using 2001 census district data as it is possible that district compositions have 

changed over time. To check that is not the case, I analyse trends in enrolment rates and find 

them to be consistent in the data restricted to the 2001 census.  

 

Similar to the notion that the number of private school seats differ across districts,  the 

relative size of SC and ST populations are likely to vary across districts. In other words, there 

are likely to be some districts with a higher/lower SC and ST population than other districts. 

In order to calculate the proportion of the total population that is SC and ST in every district 

in 2001, the following was done: 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 𝑆𝑆𝑆𝑆 𝑃𝑃𝑃𝑃𝐷𝐷 𝑆𝑆𝑇𝑇 𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑜𝑜𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑃𝑃 𝑃𝑃 𝐷𝐷𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃 = 𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑃𝑃𝑇𝑇𝑃𝑃𝑢𝑢𝑇𝑇𝑇𝑇𝑇𝑇𝑖𝑖𝑇𝑇𝐸𝐸 𝑇𝑇ℎ𝑇𝑇𝑇𝑇 𝑖𝑖𝑑𝑑𝑢𝑢𝐸𝐸𝑇𝑇𝑖𝑖𝑜𝑜𝑖𝑖 𝑇𝑇𝐸𝐸 𝑆𝑆𝑆𝑆 𝑇𝑇𝐸𝐸𝑑𝑑 𝑆𝑆𝑇𝑇 𝑖𝑖𝐸𝐸 𝑇𝑇 𝑑𝑑𝑖𝑖𝐸𝐸𝑇𝑇𝑢𝑢𝑖𝑖𝑆𝑆𝑇𝑇
𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑃𝑃𝑇𝑇𝑃𝑃𝑢𝑢𝑇𝑇𝑇𝑇𝑇𝑇𝑖𝑖𝑇𝑇𝐸𝐸 𝑖𝑖𝐸𝐸 𝑇𝑇 𝑑𝑑𝑖𝑖𝐸𝐸𝑇𝑇𝑢𝑢𝑖𝑖𝑆𝑆𝑇𝑇

10F
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To account for the employment composition in districts over time, total non-farm 

employment data is used and is only available in 2005 and 2013. The 2005 value is used for 

the years prior to 2010 and the 2013 value is used for the years after 2010. 

 

3.3.2 Nightlight Luminosity  

 

Nightlight luminosity data is from the DMSP-OLS Night Lights Series.  

Due to the lack of Indian district level income and output indicators available, nightlight 

luminosity data is used as a proxy for economic activity. Previous literature suggests that 

                                                 
11 All figures are from the 2001 socio-economic census. The 2001 census was used as this was the most recent census data 
available prior to the Act’s enactment  



 11 

night light data can be used as a proxy for standard measures of output such as gross 

domestic product. (Chen and Nordhaus 2011; Luu et al. 2019; Saini, Tripathi, and Verma 

2020; Prakash et al., n.d.) Nightlight luminosity data is especially helpful in developing 

countries that tend to have less recent population and economic censuses. The nightlight 

luminosity data available is from 2005 to 2013. Hence, the 2013 figure available was used for 

the corresponding district in subsequent years after. This is a limitation in the ability to assess 

changes in district level output in years after 2013, however, there are several years for which 

the data is available and should capture the majority of district level output trends over the 

study period. Nightlight luminosity is captured through the maximum nightlight captured in a 

district in a year. 12  

 

3.4 Sample Restrictions 

 

In order to include district level population information, the sample had to be restricted to 

districts recorded in the 2001 census. Since 2001, India has added more districts in states as 

well as altered the boundaries of some existing districts. This is concerning as the 2001 

census is unlikely to capture all the districts in India over time and there are less districts in 

the 2001 census than today. In order to make sure that restricting districts to the 2001 census 

does not alter trends in enrolment and test scores over time, I compared the average 

enrolment rates over time in the DISE unrestricted (all districts available over time) data to 

the DISE restricted (districts in the 2001 census). 13 There are no substantial differences in 

SC, ST and OBC enrolments between the unrestricted and restricted datasets. Similarly, I 

compared the average test scores over time in the ASER unrestricted data to the ASER 

restricted data and found no significant differences in test score trends over time. To note, 

ASER only surveys rural India so there are likely to be less districts affected by the 2001 

census restriction in ASER data.  

 

 

 

 

                                                 
12 SHRUG codebook: https://shrug-assets.s3.amazonaws.com/static/main/assets/other/shrug-codebook.pdf 
13 Figures 3 and 4 in the Appendix.  

https://shrug-assets.s3.amazonaws.com/static/main/assets/other/shrug-codebook.pdf
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3.5 Summary Statistics 

 

Reported in Table 1 are the average and standard deviation for enrolment related variables of 

interest at the district level in the pre and post Act period. The pre period is from 2005 to 

2009 and the post period is from 2011 to 2017.  

 
Average Percent of Enrolled Students (Out of Total Students Enrolled in a District) 

  Pre  Post Pre Post 

Share SC (Out of Total Enr.) 18 18.1 11.8 12.6  
(0.002) (0.002) (0.002) (0.001)    

  
Share ST (Out of Total Enr.) 18.3 19 14.9 15.6  

(0.006) (0.005) (0.005) (0.005)    
  

Share OBC (Out of Total Enr.) 38.6 40.3 35.2 39.6  
(0.005) (0.004) (0.005) (0.004)    

  
Private School Enrolment Share 26.4 36 - -  

(0.004) (0.004)   
     

All Schools Yes Yes -  -  
Private School Only - - Yes Yes    

  
Number of District Observations 503 503 503 503 

Table 1. All the figures in the table are percentages and are from the DISE data, the calculations are outlined in 
the Data section. Standard deviations are in the parenthesis below each figure. 2010 is not included since the Act 

came into force in August 2010, it is likely that changes are not seen until the following year. 
 
In 2009, there were approximately 193 million children enrolled in schools in India between 

grade 1 and 8. About 70% of those children were enrolled in government run schools and the 

remaining in private schools. About 300,000 children, on average, were enrolled in schools in 

a district and about 222,000 of those children were from disadvantaged groups. 14 There has 

been much debate on the actual number of children that are out of school in India. As per the 

National Sample Survey in 2014, 32 million children (between 6 and 13 years old) have 

never enrolled in school; the majority of whom belong to disadvantaged groups. The upper 

bound estimate on the number of children out of school appears to be 38 million.15 Based on 

these estimates there are, in a district on average, approximately between 50,000 and 60,000 

                                                 
14  Based on the number of districts in 2010, 640, The average number of children enrolled per district is 193 million/640. 
Based on the average share of disadvantaged children in a district, the averaged number of disadvantaged children enrolled 
is 74% of 300,000,  
15 According to an EPDC report: https://www.epdc.org/sites/default/files/documents/India_OOSC_Profile.pdf 

https://www.epdc.org/sites/default/files/documents/India_OOSC_Profile.pdf
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children who have never been enrolled in school. Therefore, the average total number of 

children in a district is between 350,000  and 360,000 children. 16 

 

The enrolment related variables are calculated as a proportion of total enrolment and for 

private schools only in a district in a year. Average SC total district enrolment does not 

appear to increase greatly between the pre and post Act period, changing from 18 to 18.1%. 

Average total ST district enrolment increased by a relatively larger amount from 18.3% to 

19%. The largest increase by group is average OBC total district enrolment from 38.6% to 

40.3%. Average private school enrolment increases from 26.4% to 36% and which is 

consistent with growth in the number of private schools in India. Within private schools, the 

share of ST and SC changes by less than 1 percent while the share of OBC increases by about 

3.5 %.  

 

In 2001, the average district population that was SC was 14.9% and the average district 

population that was ST was 16.7%, the combined average disadvantaged population in a 

district was 31.6% of the total population. Prior to 2010, there were, on average, 24 districts 

in a year that did not have at least 25% of total enrolment of disadvantaged children as the 

Act requires. After the Act, the average number of districts reduced to 14. In terms of only 

private school enrolment prior to the Act, 51 districts in a year, on average, did not meet the 

25% enrolment role. This figure for private school enrolments reduced to 32 districts per year 

after the Act. 

 

 

 

 

 

 

 

 

 

 

                                                 
16Based on the number of districts in 2010, 640, The average number of children enrolled per district is 193 million/684. 
Based on the average share of disadvantaged children in a district, the averaged number of disadvantaged children enrolled 
is 74% of 300,000 
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Average District Level Characteristics 
 

  Pre  Post Min. Max. 
# Department of Education Schools 1138 1208 0 6167  

(19.35) (18.54)      
  

# Tribal/Social Schools 86 92 0 4784  
(6.53) (6.61)      

  
# Private Aided Schools 123 134 0 1680  

(4.17) (3.61)      
  

# Private Unaided Schools 271 433 0 5,040  
(6.36) (8.54)   

     
# Other Schools 16 14 0 2057 
 (1.16) (1.58)      

  
# Central Schools 0.014 3 0 108 
 (0.005) (0.11)   
     
# Unrecognised Schools 8 46 0 2,080 
 (1.14) (2.12)   
     
Maximum Light  3.91 5.8 0 63 
 (0.12) (0.12)   
     
Maximum District Enr. Capacity (In 000’s) 450 516 2 2278 
 (6346.85) (6583.56)   
     
# Teachers with Prof. Qualifications 6985 10202 0 71552 
 (109.97) (133.67)   
     
# Teachers with Grad. Qualifications 4964 8939 0 70350 
 (85.51) (118.51)   
     
# Non- Farm Establishments (In 000’s) 111 141 967 1421 
 (2570.76) (2705.69)   
     
Number of District Observations 503 503   
   

Table 2. All the figures are district averages calculated from DISE, the 2001 census and the DMSP-OLS Night-time Lights 
Series. Standard deviations are in the parenthesis below each figure. The pre period is 2005 to 2009 and the post period is 
2011 to 2017. 2010 is not included since the Act came into force in August 2010, it is likely that changes are not seen until 
the following year  
 
While the number of most types of schools remained relatively stable in the pre and post Act 

period, the number of private unaided schools increased from 270 to 432 in a district. The 

number of schools that are ‘unrecognised’, meaning that they do not have official 

certification from the government, increased by 40 schools in a district after 2010. The RTE 

Act mandates that unrecognised schools be shut down, but it does not appear as though all 

these schools have been shut down. As expected, maximum light per district increased after 

2010 and is a proxy for district output. Teachers with professional qualifications are those 

with a professional qualification in education while teachers with graduate qualifications are 

those with graduate degrees (more than a bachelors degree). On average in a district, the 

number of teachers with professional qualifications increased from around 7000 to 10,000 
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while the number of teachers with graduate qualifications increased from 5000 to 8000. The 

number of non-farm establishments in a district increased by 26% after 2010 and likely 

reflects the move in urban areas to non-farm employment.   

 

In the subsequent sections, I will discuss to what extent the Act has impacted the composition 

of students enrolled in schools and whether the share of SC/ST/OBC enrolment is altered 

significantly.   

 

Differences in test scores in the pre and post Act period are more stark compared to the 

differences in enrolments. Summary statistics on individual test score related outcomes are 

averaged across all sampled districts. The pre Act period is from 2007 to 2009 and the post 

period is from 2011 to 2018. 
 

Pre Post 

Can Read Letter 75.9 59.6 
Can Read Word 63.5 48 
Can Read Paragraph 51.5 39.2 
Can Read Story 38.3 29.9 
Can Recognise Single Digit 75.6 60.8 
Can Recognise Double Digit 62.8 48.2 
Can Subtract 46.9 30.9 
Can Divide 29.6 17.7 
Attends Government School 62.1 52.5 
Attends Private School 19.5 24.5 
Attends Madrasa School  0.5 0.5 
Female Child 43.7 42 

Number of Children 1,932,354 3,318,775 
Table 3. Proportion of Children with certain Characteristics/Test Scores. The data is from ASER, the pre period is from 

2007 to 2009 and the post period is from 2011 to 2018. Since all the variables in the table are binary outcomes for a child, 
the average across rural India is the proportion of children that are able to achieve a certain outcome. 

 
Across all metrics of reading and math tests, the average number of students able to complete 

each task has decreased substantially from the pre to post period. For example, the percentage 

of children who can, on average, divide has decreased from 29.6% to 17.7%. The percentage 

of children who attend private school has increased from 19.5% to 24.5% in rural India while 

the percentage of children in government schools decreased from 62.1% to 52.5%. To note, 

ASER survey data does not distinguish between private aided and private unaided schools, as 

all private schools are categorised under the same type. The number of children enrolled in 

Madrasas (Islamic schools) remains relatively constant in both the pre and post period at 

0.5%.  
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In the subsequent sections, I will discuss to what extent these decreases in test scores are 

linked to the Act and explore possible mechanisms which could explain why test scores have 

decreased so dramatically.  

4. Model of Enrolment and Test Scores 
 

In prior literature, both enrolments and test scores are used as outcomes to assess the impact 

of education policies on students. A generalised production function in education that has 

been used to estimate causality is as follows,  

 𝐴𝐴 = 𝑃𝑃(𝑆𝑆,𝑄𝑄,𝑆𝑆,𝐻𝐻, 𝐼𝐼) (1) 

 
A represents student outcomes (in this case, enrolments and test scores), S represents years of 

schooling, Q is vector of school inputs (such as teacher quality, school infrastructure and 

class sizes), C is a vector of child related characteristics (innate ability included), H is a 

vector of household characteristics and I is the school inputs that households have control 

over such as attendance rates, effort and availability of school supplies. (Glewwe and 

Muralidharan 2016) Family background has been shown to have a strong impact on student 

performance as it can affect access to resources. For example, children of parents who are 

more educated and have a higher income tend to have better student outcomes. School inputs 

have a more complex relationship with student outcomes and increasing school inputs has 

had mixed results on test scores. Parent’s decision of choosing S and I, depend upon the 

schooling prices, P, such as tuition/cost of school supplies etc.  

 

The reduced form causal relationship is the following,  

 𝐴𝐴 = ℎ( 𝑄𝑄,𝑆𝑆,𝐻𝐻,𝑃𝑃)   (2) 

 
In order to accurately estimate equation (1) and (2), information on all prior inputs into 

human capital are necessary, even for example, in-utero exposure. Due to insufficient 

information on all prior inputs, education production functions typically use a lagged 

outcome (previous test scores or enrolment in this case) to proxy for prior inputs. In order to 

estimate the impact of the Act on enrolments, the demand and supply of schooling must 

considered. Due to a lack of data on schooling prices and supply, district enrolments and 

characteristics are used proxies.  
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Test scores are used to identify achievement gaps amongst students and to estimate the 

impact of state or district level policies. The use of test scores is controversial in research 

with issues such as comparability across students and statistical noise. To study the impact of 

the Act on test scores, ASER household data from ASER surveys with standardised questions 

(language and math based) asked across rural India is used. The consistent structure of 

questions makes it more feasible to compare test scores across children and over time. Test 

scores have been described as less than ideal indicators of a student’s ability, however, they 

are currently the best available measures of quality and are associated with valuable 

outcomes such as future educational attainment and earnings. (Hanushek and Luque 2003; 

Currie and Thomas 1999) 

 

The next section describes this empirical strategy and the reduced form models of enrolment 

and test scores used.  

 

5. Empirical Strategy 
 
This paper aims to study the impact of the Act on enrolments and on test scores, both 

outcomes require a slightly different empirical approach, outlined in more detail in the 

subsequent sections.  

 

The RTE Act was passed nationally, which means that it applies to all schools in India with 

the exception of those in Jammu and Kashmir. Hence, Jammu and Kashmir has been 

excluded from this study. The enforcement of the Act falls upon the Central and respective 

State governments to ensure school compliance. Though the other aspects of the Act, 

including student-teacher ratios and classroom quality benchmarks, among others, apply to 

most other types of schools in India, certain requirements of the Act only apply to private 

schools. In particular, private schools are required to reserve 25% of their enrolments for 

disadvantaged children and children from economically weaker sections in the 

neighbourhood. The schools are then meant to be reimbursed by the state for students that are 

granted enrolment based on this stipulation. The Act states that this a requirement at the 

school level, irrespective of the composition of the population immediately surrounding the 

school. This study is limited to estimating the impact of the RTE on disadvantaged children’s 

enrolment using SC and ST district populations as a proxy for OBC.  
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5.1 Enrolments 

 

The first empirical approach is to isolate the impact of the Act on enrolments and it relies 

upon variation across district population composition in terms of caste and variation in the 

number of private school seats available in a district.  

 

Two different treatment intensities are constructed to understand the impact of the Act on the 

school enrolment compositions. The first treatment intensity focuses on the proportion of a 

district that is disadvantaged (SC and ST) prior to the Act and the number of private school 

seats (out of total seats) in a district per year. While constructing this first measure of 

treatment intensity, the proportion of a district that is SC and ST is calculated in order to 

estimate the population in a district that is likely to be impacted by the provision in the Act 

that states private schools must reserve 25% of their seats for disadvantaged children. 

 

Districts across India have different proportions of the total population that are ST and SC 

and different proportions of overall seats available in private schools. Therefore, it follows 

that different districts are likely to be impacted by the RTE rule on enrolment reservations 

differently. In other words, districts with a higher proportion of ST and SC and a higher 

proportion of private school seats should see a greater impact of ST and SC enrolments on 

private school enrolments while districts with a lower proportion of ST/SC and a lower 

proportion of private school seats are more likely to be less impacted. Thus, there are 

differing treatment intensities across districts over time. After 2010, all private schools 

receive the treatment but districts are likely to be impacted in varying levels of intensity. The 

average proportion of SC and ST in a district is calculated and used as a cut-off for districts 

with relatively low and high SC/ST populations. The enrolment trends in districts with 

relatively lower and higher SC and ST populations are similar in pre-treatment trends.  
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Figure 1. Average ST, SC and OBC Enrolment in districts with low and high SC and ST populations. 

 
The second measure of treatment intensity relies upon the variation in district populations 

that were disadvantaged prior to the Act and how far off the district is from meeting the 25% 

disadvantaged enrolment rule. In other words, the second measure of intensity is how the 

proportion of disadvantaged families in the general population relates to how close the 

schools in a district are to complying with the enrolment rule in the Act. For example, a large 

share of disadvantaged children in a district that is below compliance levels would seem 

indicative of a district in which the 25% enrolment rule is both binding and relatively easy to 

meet. Districts that are below compliance have more of an incentive to meet the rule than 

districts that are already above the minimum percentage. On the other hand, a district with a 

smaller share of disadvantaged children which is below compliance could mean that the rule 

is binding in the district but more challenging to meet as there may be fewer children who 

qualify. Since the rule is at a school level, it is possible that measuring compliance at a 

district level overstates how many schools are actually in compliance. Observing district level 

data means that we lose out on school level variation and some schools in a district could be 

more compliant than other schools. However, these estimates provide a general idea of how 

well the district, as a whole, is serving its disadvantaged populations.  

 

To examine the impact of the Act on enrolments, both total enrolments and the share of 

disadvantaged children enrolled are used as outcomes. The specifications below are first run 

on all schools and then only on private schools. The baseline specification is as follows: 

 
 𝑌𝑌𝑗𝑗𝑇𝑇 =  𝑃𝑃 + 𝛽𝛽�𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑁𝑁𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑦𝑦𝑗𝑗𝑇𝑇 × 𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑇𝑇� + 𝜈𝜈𝑃𝑃𝑗𝑗𝑇𝑇 + 𝛾𝛾𝑋𝑋𝑗𝑗 + 𝛿𝛿𝛿𝛿

+ 𝜈𝜈𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑁𝑁𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑦𝑦𝑗𝑗𝑇𝑇 + 𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑇𝑇 + 𝜀𝜀 
 

(3) 
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Where 𝑗𝑗 refers to the district level and 𝑃𝑃 is the year. 𝑌𝑌𝑗𝑗𝑇𝑇  is total enrolments or the proportion of 

total enrolments that belong to disadvantaged children (SC, ST and OBC). The regressions 

are run on all schools as well as only private schools in a district. With respect to the 

regressions on all schools, the first 𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑁𝑁𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑦𝑦𝑖𝑖 measure is the interaction 

between proportion of SC/ST population in 2001 in a district (prior to the Act) and proportion 

of private school seats in a district in a given year. In the regression on only private schools, 

the first 𝑇𝑇𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑁𝑁𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑃𝑃𝑦𝑦𝑖𝑖 measure is simply the proportion of SC and ST in a district 

in 2001. 𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃𝑖𝑖 is dummy variable indicating whether the year is after 2010 or before. 𝑃𝑃 is a 

measure of how far off a district is from having at least 25% of its total enrolments be from 

students that are relatively disadvantaged. 𝑃𝑃 takes a value of zero if the district already has at 

least 25% of its total enrolments from relatively disadvantaged students. 𝑃𝑃 captures the 

districts in which the RTE enrolment rule is binding.  

 

The second treatment intensity measure is the interaction between the proportion of SC/ST 

population in 2001 in a district and  𝑃𝑃, or how far off a district is from having at least 25% of 

its total enrolments belong to children that are SC, ST and OBC.  

 

𝑋𝑋𝑖𝑖 are school related controls for the district capturing the number of different types of 

schools, number of qualified teachers, and the maximum enrolment capacity of a district. 𝛿𝛿 

are district based controls for district output, literacy rate and non-farm employment. The 

baseline specifications include district and year fixed effects. Maximum light is a proxy for 

district output every year. Total Non-Farm Employment is the number of non-farm 

establishments, including informal firms, service sector firms and publicly-owned firms in a 

district. The Total Literate population is the number of individuals over 16 that are literate. 

The number of teachers with graduate qualifications and the number of teachers with 

professional qualifications capture teacher quality that varies across the different types of 

schools. The maximum district enrolment is the sum of the maximum enrolment of schools in 

a district each year.  

 

While both intensity measures capture the expected impact based on the population 

composition in a district prior to the Act, a limitation is that the proportion of SC and ST 

populations in a district are fixed based on 2001 Census district data. Ideally, this impact 

intensity should be calculated using year to year variation in the district population 
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composition. This is an issue if year to year district population composition changes by a 

substantial amount. This study uses the 2001 census district data as it was the most recent 

census prior to the Act being passed. Even though the SC and ST proportion of a district 

suggests how much a district is likely to be impacted by the Act, we do not know exactly how 

many disadvantaged children are not enrolled in school every year. In other words, there are 

no clear estimates of how many children could benefit from the Act. Since there is data on 

the number of disadvantaged children enrolled each year, the estimates display the change, if 

any, in total district enrolment composition.  

 

5.2 Test Scores 

 

The second empirical approach used to understand how the Act differentially impacted 

student test scores in private schools compared to other school types relies, in part, upon the 

first empirical strategy outlined in Enrolments. Since the test score data does not have 

information on a child’s caste, this test score specification can only rely upon whether the 

Act’s intended effect on private school enrolment compositions had an impact on test 

scores.17 

 

In order to understand the extent to which test scores have changed in private schools after 

the passing of the Act, compared to non-private schools, the following first specification is 

used:  

 
 𝑌𝑌𝑖𝑖𝑇𝑇 =  𝑃𝑃 + 𝛽𝛽(𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑆𝑆𝑆𝑆ℎ𝑃𝑃𝑃𝑃𝑜𝑜 × 𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃) + 𝛾𝛾𝑋𝑋𝑖𝑖 + 𝛿𝛿𝛿𝛿𝑗𝑗 + 𝛼𝛼𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑆𝑆𝑆𝑆ℎ𝑃𝑃𝑃𝑃𝑜𝑜 + 𝜂𝜂𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃 + 𝜀𝜀 

 
(4) 

Where 𝑌𝑌𝑖𝑖𝑇𝑇is the test score binary variable recorded for a child in a particular year, 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑆𝑆𝑆𝑆ℎ𝑃𝑃𝑃𝑃𝑜𝑜 is a dummy variable indicating whether the child is enrolled in private 

school, 𝑃𝑃𝑃𝑃𝑆𝑆𝑃𝑃 is an indicator of whether the period is prior to or after the Act, and 𝑋𝑋 consists 

of household level controls with an indicator of whether the child’s mother went to school or 

not and whether the household has electricity or not. 𝛿𝛿 is a district level control for district 

output over time. The coefficient of interest, 𝛽𝛽, captures the differential impact of the Act on 

children who attend private school vs non-private schools. The baseline specification 

includes year effects.  

 
                                                 
17 The specific math and reading scores are outlined in detail in the data section and there is a sample of the test in figure 5 in 
the Appendix 
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Figure 2. Average number of  students that can read at least letters in non minority and minority schools. 

 
The third empirical approach to isolate the impact of the Act on test scores depends upon 

minority vs. non minority schools. Since minority schools were not expected to follow the 

rules in the Act, such schools Act as a control group in order to assess the impact of the Act 

on test scores. In the ASER test score data, Madrasas are the only minority institution 

identified. The specification is similar to equation (4) except instead of Private School, the 

dummy variable, Non-Minority, identifies whether a child went to non-minority institution or 

a Madrasa. Non-minority takes the value of 1 if a child attends a non-minority institution and 

is 0 if a child attends a Madrasa. Since Madrasas are schools with religious affiliations, a 

limitation of this model is the inability to control for religion. To attempt to address this, in 

Figure 2 we look at trends in test scores before the Act was passed. Prior to the Act, the 

trends in test scores were similar between non-minority and minority schools. The coefficient 

of interest, 𝛽𝛽, captures the impact of the Act on test scores. The baseline specification 

includes year effects. 

6. Results 

6.1 Enrolments Results using the First Measure of Intensity  

6.1.1 Total Enrolments In All Schools 

 

Table 4 illustrates the impact of the Act on enrolments in all schools. The Intensity is the 

interaction between proportion of SC and ST population in 2001 in a district (prior to the 

Act) and proportion of private school seats in a district in a given year. Post is a dummy 

variable indicating if the year is after 2010 or not. The first two columns are with year 

dummies included and columns three and four are without year dummies included. All 

specifications include district fixed effects.  
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 (1)  (2) (3) (4) 
  Log(Total Enrol) Log(Total Enrol) Log(Total Enrol) Log(Total Enrol) 
Independent Variables Without Interaction With Interaction Without Interaction With Interaction 

Post -0.163*** -0.153*** -0.060*** -0.044*** 
  (0.023) (0.024) (0.010) (0.013) 
Intensity * Post   -0.087   -0.152 
    (0.116)   (0.113) 
Intensity 0.153 0.202 -0.108 -0.0176 
  (0.180) (0.208) (0.174) (0.200) 
Maximum Light 0.009*** 0.008*** 0.010*** 0.010*** 
  (0.00288) (0.00286) (0.00272) (0.0027) 
Difference from 25% Disadv. Enrolment -0.298** -0.291* -0.377** -0.365** 
  (0.151) (0.151) (0.147) (0.148) 
# Teachers with Graduate Qualifications -0.000*** -0.000*** -0.000*** -0.000*** 
  (0.000) (0.000) (0.000) (0.000) 
# Teachers with Prof. Qualifications 0.000*** 0.000*** 0.000*** 0.000*** 
  (0.000) (0.000) (0.000) (0.000) 
Maximum District Enrolment 0.000 0.000 0.000 0.000 
  (0.000) (0.000) (0.000) (0.000) 
# Department of Education Schools 0.000*** 0.000*** 0.000*** 0.000*** 
  (0.000) (0.000) (0.000) (0.000) 
# Tribal/Social Schools 0.000 0.000 0.000 0.000 
  (0.000) (0.000) (0.000) (0.000) 
# Local Body Schools -0.000 -0.000 -0.000 -0.000 
  (0.000) (0.000) (0.000) (0.000) 
# Private Aided Schools 0.000** 0.000** 0.000** 0.000** 
  (0.000) (0.000) (0.000) (0.000) 
# Private Unaided Schools -0.000** -0.000** -0.000** -0.000** 
  (0.000) (0.000) (0.000) (0.000) 
# Other Schools 0.000**** 0.000**** 0.000**** 0.000**** 
  (0.000) (0.000) (0.000) (0.000) 
# Central Schools -0.000** -0.000** 0.000 0.000 
  (0.000) (0.000) (0.000) (0.000) 
# Unrecognised Schools 0.000**** 0.000**** 0.000**** 0.000**** 
  (0.000) (0.000) (0.000) (0.000) 
Total Non-Farm Employment 0.000**** 0.000**** 0.000**** 0.000**** 
  (0.000) (0.000) (0.000) (0.000) 
Total Literate Population - - - - 
          
Constant 11.62*** 11.62*** 11.62*** 11.63*** 
  (0.043) (0.043) (0.045) (0.045) 
          

District Fixed Effects Yes Yes Yes Yes 
Year Dummies Included Yes Yes No No 
District x Year Observations 5,396 5,396 5,396 5,396 
R-squared 0.435 0.436 0.386 0.388 
Number of districts 503 503 503 503 

Table 4. The Impact of the Act on Enrolments in All Schools. Sample consists of all schools. Robust standard errors in 
parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
 
Columns 1 and 2 report the results of the regression in equation (3) with total enrolments as 

the outcome and include year effects. Columns 3 and 4 report the results of the regression in 

equation (3) without year effects. In specification two and three, the coefficient on interaction 

x post is not significant which indicates that districts with high and low intensity were not 

differentially impacted by the Act in terms of total enrolment. Interestingly, the results in 



 24 

columns (1-4) suggest that as a district gets closer to compliance, the total enrolment 

increases.  

 

As expected, as maximum light increases by 1 unit and hence if there is more economic 

activity in a district, the total district enrolment significantly increases by about 1% 

consistently across all four specifications. Between the pre and post period, the maximum 

light in a district increased by 2 units on average. After 2010, total district enrolment 

decreases by between 4 and 16% and is statistically significant. This is, in part, possibly due 

to underreporting of the number of unrecognised and private unaided schools leading to an 

underestimate in total enrolment in a district. An increase of 10 teachers with professional 

qualifications increases total enrolment by one child, this effect is essentially zero. 

Surprisingly, an increase in teachers with graduate qualifications decreases total enrolment by 

a minimal amount but is statistically significant.  

 

6.1.2 Share of Disadvantaged Student Enrolment in All Schools 

 
Table 5 examines the impact of the Act on the share of disadvantaged students enrolled. The 

independent variables remain the same as Table 1 while the outcome is the proportion of 

disadvantaged student (SC+ST+OBC) enrolment out of total district enrolment. 

 (1) (2) (3) (4) 
  Share Disadv. Share Disadv. Share Disadv. Share Disadv. 

Independent Variables 
Without 

Interaction 
With 

Interaction 
Without 

Interaction 
With 

Interaction 
          
Intensity * Post   -0.088***   -0.079*** 
    (0.022)   (0.021) 
Intensity -0.254*** -0.205*** -0.140*** -0.093** 
  (0.049) (0.049) (0.040) (0.042) 
Post 0.059*** 0.069*** 0.017*** 0.026*** 
  (0.006) (0.007) (0.003) (0.004) 
Maximum Light -0.002** -0.003*** -0.002*** -0.003*** 
  (0.001) (0.001) (0.000) (0.000) 
Difference from 25% Disadv. 
Enrolment -3.112*** -3.105*** -3.168*** -3.162*** 
  (0.073) (0.073) (0.074) (0.074) 
Constant 0.785*** 0.786*** 0.800*** 0.801*** 
  (0.013) (0.013) (0.014) (0.014) 

District Fixed Effects Yes Yes Yes Yes 
Year Dummies Included Yes Yes No No 
District x Year Observations 5,396 5,396 5,396 5,396 
R-squared 0.658 0.659 0.622 0.624 
Number of districts 503 503 503 503 

Table 5. The impact on the share of disadvantaged children out of total enrolments in all schools. Sample consists of all 
schools. All the controls used in Table 4 are used in this model and the full table can be found in Appendix, Table 5 
continued. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
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An increase in a district’s maximum light by one unit leads, meaning more output, to a 

decrease in the percentage of disadvantaged children in school by about 0.3 % (statistically 

significant). Between the pre and post Act period, average district light intensity increased by 

1.9. The coefficient on intensity x post is statistically significant at the 1% level suggesting a 

differential impact of the Act on the number of disadvantaged student enrolments in low and 

high intensity districts. Taking the average district intensity of 0.093, the Act increases the 

share of disadvantaged children enrolment in all schools by between 1.8 and 6%. Taking the 

median district intensity, the Act increases the share of disadvantaged children enrolment in 

all schools by less than 1 % (between 0.01 and 0.06%).   

 

6.1.3 Total Enrolments in Private Schools 

 

Table 6 looks at how total enrolments in private schools have changed. Intensity is the share 

of the district population that is disadvantaged while the outcome is total enrolments in a 

district. 
 

(1) (2) (3) (4) 
Independent Variables Log(Total 

Enrolment) 
 

Log(Total 
Enrolment) 

Log(Total 
Enrolment) 

Log(Total 
Enrolment) 

 Without 
Interaction With Interaction 

Without 
Interaction With Interaction      

Intensity * Post 
 

-0.19 
 

-0.13 
  

(0.12) 
 

(0.12) 

Intensity - - - - 
     

Post 0.749*** 0.825*** 0.311*** 0.360*** 
 

(0.06) (0.08) (0.03) (0.06) 

Maximum Light 0.047*** 0.043*** 0.066*** 0.063*** 
 

(0.01) (0.01) (0.01) (0.01) 

Difference from 25% Disadv. 
Enrolment 

-1.883*** -1.870*** -2.792*** -2.789*** 
 

(0.56) (0.56) (0.52) (0.52) 

Total Non-Farm Employment -0.000 -0.000 -0.000 -0.000 
 

(0.00) (0.00) (0.00) (0.00) 

Constant 10.23*** 10.26*** 10.44*** 10.46*** 
 

(0.07) (0.07) (0.06) (0.06) 
     

District Fixed Effects Yes Yes Yes Yes 
Year Dummies Included Yes Yes No No 
District x Year Observations 5,261 5,261 5,261 5,261 
R-squared 0.24 0.24 0.20 0.20 
Number of districts 503 503 503 503 
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Table 6. The impact on total enrolments in private schools. Sample consists of only private schools. Robust standard errors 
in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
 
After 2010, district total enrolment in private school increased by between 40 and 100%. The 

lower bound of the estimate comes from the specification without year dummies (column 4). 

Even if we take the increase to be 40%, that is still a significant and large total private school 

enrolment increase after 2010. While there have been documented increases in private school 

enrolments, the estimated doubling of private school enrolment appears to be an 

overestimate. For more conservative estimates, I use the lower bound estimate which is more 

in line with the existing literature. The increase in private school enrolments does not 

necessarily mean that many more children are enrolled in schools overall. Before the Act, 

there were about 78,000 (on average) private school enrolments in a district. An increase in 

private school enrolments by 40% would mean that there are around 31,200 more children in 

private schools than before. These are not all previously unenrolled children though, 11 

million children have recently chosen to switch from government to private schools. 

(Kingdon 2020) On a district basis, an average of roughly 17,000 students switched from 

government schools to private schools. The remaining 14,200 are likely to be children who 

are newly enrolled in school after the Act. The increase in private school enrolments is a start 

to meeting the unmet school enrolment needs of a district, but the estimates of children who 

are out of school range from approximately 50,000 to 60,00 children per district.  

 

Higher output in a district is indicative of higher total enrolment in private schools as a one 

unit increase in maximum light leads to an increase between 4 and 6% in total enrolment in 

private schools. The coefficient on the interaction between intensity and post is insignificant; 

the Act does not seem to have a differential impact on private school enrolment in high and 

low intensity districts. In terms of a total effect on a district with average intensity (0.31), the 

Act appears to increase total enrolment in private schools by between 36 and 110%.   

 

6.1.4 Share of Disadvantaged Children in Private Schools 

 

In Table 7, the impact of the Act on the share of total private school enrolment that is 

composed of disadvantaged children is examined. The intensity is the share of the district 

population that is disadvantaged in 2001 and since this intensity does not change from year to 

year, district fixed effects are not used in this model. 
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(1) (2) (3) (4) 

Independent Variables Share of Disadv. Share of 
Disadv. 

Share of Disadv. Share of 
Disadv. 

 Without 
Interaction 

With 
Interaction 

Without 
Interaction 

With 
Interaction      

Intensity * Post 
 

0.02 
 

0.02 
  

(0.02) 
 

(0.02) 

Intensity 0.375*** 0.364*** 0.375*** 0.364*** 
 

(0.01) (0.01) (0.01) (0.01) 

Post 0.041*** 0.034** 0.039*** 0.032*** 
 

(0.01) (0.01) (0.01) (0.01) 

Maximum Light -0.002*** -0.002*** -0.002*** -0.002*** 
 

(0.00) (0.00) (0.00) (0.00) 

Difference from 25% Disadv. 
Enrolment 

-3.266*** -3.268*** -3.272*** -3.275*** 
 

(0.07) (0.07) (0.07) (0.07) 

Total Non-Farm Employment -0.000*** -0.000*** -0.000*** -0.000*** 
 

(0.00) (0.00) (0.00) (0.00) 

Total Literate Population 0.000*** 0.000*** 0.000*** 0.000*** 
 

(0.00) (0.00) (0.00) (0.00) 

Constant 0.551*** 0.555*** 0.547*** 0.551*** 
 

(0.01) (0.01) (0.01) (0.01) 
     

District Fixed Effects No No No No 

Year Dummies Included Yes Yes No No 

District x Year Observations 5,261 5,261 5,261 5,261 

R-squared 0.43 0.43 0.43 0.43 

Number of districts 503 503 503 503 

Table 7. The impact on share of disadvantaged children in private schools. Sample consists of only private 
schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
 
Districts with larger disadvantaged populations have about 36% more disadvantaged children 

enrolled in schools. This significant estimate remains with and without year dummies. The 

Act seems to correlate with 4% larger enrolment shares for disadvantaged children. Districts 

with higher maximum light have 0.2% less share of disadvantaged children enrolled in 

private school. Since maximum light is a proxy for district output, wealthier districts are 

shown to have a slightly lower share of total enrolments composed of disadvantaged children. 

The insignificant coefficient of 0.02 on the interaction between intensity and post means that 

the Act does not seem to have a differential impact on districts with a larger share of 

disadvantaged population and districts with a smaller share. Overall, taking the average 

district intensity of 0.31, the Act leads to a 4% increase in the share of private school 

enrolments that are from disadvantaged students. The Act leads to a 3.8% increase in the 
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share of private school enrolments that are from disadvantaged students for a district with 

median intensity of 0.24. For districts with an upper quartile intensity, the Act increases the 

share of disadvantaged students in private schools by about 4.1%.  

 

6.2 Enrolment Results Using the Second Measure of Intensity   

6.2.1 Total Enrolments in All Schools 

 

Table 10 in the Appendix shows the impact of the Act on total enrolments in all schools using 

the second measure of intensity. The outcome for all four columns is total enrolment in a 

district in a year. The first two columns are with year dummies included and columns three 

and four are without year dummies included. All specifications include district fixed effects.  

In this case, intensity is the interaction between the share of disadvantaged population in a 

district and how far off the district is from meeting the 25% enrolment rule. Total enrolment 

is not differentially impacted in districts with higher vs. lower intensity. Consistent with the 

results using the first measure of intensity, total district enrolment decreases, statistically 

significantly, by between 6 and 15% after 2010. This is possibly due to underreporting of the 

number of unrecognised and private unaided schools leading to an underestimate in total 

enrolment in a district. 

 

As expected, as maximum light increases by one unit, the total district enrolment increases by 

about 0.9% across all four specifications. Between the pre and post Act period, the maximum 

light in a district increased by 2 units on average.  

 

6.2.2 Share of Disadvantaged Enrolments  

 

Table 11 in the Appendix demonstrates the impact on the percentage of disadvantaged 

children out of total enrolment in all schools. The results suggest that districts with different 

intensities had different impacts on the percentage of total enrolments that are from 

disadvantaged students. Using year dummies, column (2) shows that, using the average 

district intensity of 0.0012, the Act increases the percentage of total enrolments that are from 

disadvantaged students by 3.2%. In the absence of year dummies, the Act increases the 

percentage of total enrolments that are from disadvantaged students by 0.05% using the 

average district intensity. For a district with median intensity, the Act increases the share of 
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disadvantaged children out of total enrolment by between 1.6 and 4.5%. These estimates are 

slightly lower compared to the increase between 1.8 and 6% using the first measure of 

intensity but are still quite similar.  

 

An increase in a district’s maximum light by one unit leads to a decrease in the percentage of 

disadvantaged children in school by about 0.2 % (statistically significant). In other words, if a 

district generates more output, the percentage of disadvantaged children in school decreases 

by 0.2%. 

 

In line with the previous results, the number of teachers with graduate and professional 

qualifications does not seem to impact the share of disadvantaged students out of total 

enrolment.  

 

6.2.3 Total Enrolments in Private Schools 

 

Table 12 in the Appendix illustrates the impact of the Act on total enrolments in private 

schools using the second measure of intensity. The interaction term is not significant, 

suggesting that there is no differential impact on private school total enrolments in districts 

that are high vs low intensity. The Act is associated with an increase in private school 

enrolment between 0.761 and 0.314 log points, these are slightly lower than the estimates 

using the first measure of intensity but still substantial increases. Taking the average district 

intensity of 0.002, the overall impact of the Act on private schools is an increase in private 

school enrolments by between about 30 and 100%. The plausibility of these estimates is 

discussed in the subsequent sections. The lower bound estimate is more in line with estimates 

of private school growth in India. An increase in private school enrolments by 30% would 

mean that there are around 23,400 more children in private schools than before. If about 

17,000 students switched to private schools, the remaining 6,400 are likely to be children 

who are newly enrolled in school because of the Act. While the increase in private school 

enrolments is a start to meeting the unmet school enrolment needs of a district, there are still  

children who are out of school. 
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Consistent with the results using the first measure of intensity, an increase in one unit of 

maximum light, or an increase in district output, leads to an increase between 4 and 6% in 

private school enrolment.   

6.2.4 Share of Disadvantaged Children in Private Schools 

 
Table 13 in the Appendix demonstrates the impact of the Act on the percentage of 

disadvantaged children out of total enrolment in private schools using the second intensity 

measure. The Act seems to correlate with 4% larger disadvantaged children enrolment shares 

in private schools. In wealthier districts, approximately 0.2% less of total enrolments belong 

to disadvantaged children. Overall, taking the average district intensity of .0021, the Act 

leads to an increase between 2.5% and 3% in the percentage of disadvantaged students (out 

of total enrolments) in private schools. In a district with median intensity, the Act leads to an 

approximate 5% increase in the proportion of disadvantaged students in private schools.  

 

6.3 Test Scores 

Private Schools and Non-Private Schools: 
 (1) (2) (3) (4) 
 Read Letter Read Words Read Para Read Story 

Private School x Post 0.032*** 0.014*** -0.002* -0.017*** 
 (0.001) (0.001) (0.001) (0.001) 

Private School 0.200*** 0.196*** 0.191*** 0.181*** 
 (0.001) (0.001) (0.001) (0.000) 

Post -0.277*** -0.289*** -0.239*** -0.179*** 
 (0.000) (0.001) (0.001) (0.000) 

Child Female 0.094*** 0.076*** 0.065*** 0.054*** 
 (0.000) (0.000) (0.000) (0.000) 

HH Electricity Connection 0.026*** 0.064*** 0.070*** 0.065*** 
 (0.000) (0.000) (0.000) (0.000) 

Other School 0.108*** 0.041*** 0.003 -0.017*** 
 (0.003) (0.004) (0.004) (0.004) 

Mother Went to School 0.099*** 0.101*** 0.090*** 0.076*** 
 (0.000) (0.000) (0.000) (0.000) 

Maximum Light -0.002*** 0.003*** 0.001*** 0.001*** 
 (0.000) (0.000) (0.000) (0.000) 

Constant 0.662*** 0.537*** 0.413*** 0.291*** 
 (0.000) (0.000) (0.000) (0.000) 

Year Dummies Included Yes Yes Yes Yes 

District x Year Observations 5223643 5223643 5223643 5223643 

R-squared 0.112 0.092 0.072 0.056 
Average Number of Children in 
a Year 522365 522365 522365 522365 



 31 

Table 8. The impact on test scores in private schools. Sample consists of all children except those who attend 
Madrasas, have never enrolled in school or have dropped out. Robust standard errors in parentheses. P values 
reported: *** p<0.01, ** p<0.05, * p<0.1 
  
 
Now to look at how Act impacts children’s learning, Table 8 illustrates the impact on test 

scores in private schools compared to non-private schools. Each column estimates a linear 

probability model for a different test and year effects are included in all models. The Act 

seems to be correlated with a decrease in children’s learning, the extent of the reduction is 

mixed for the children attending private schools. Highlighting this, if a child attends private 

school before the Act was passed, they are about 20% more likely to be able to read letters, 

read words,  read paragraphs, and read stories. In government schools after the Act, the 

probability of successfully reading a story decreases by 18 % while the probability of being 

able to read words decreases by 28%. As expected, children whose mothers went to school 

are about 10% more likely to be able to complete the language tests.  

 

The significant coefficient on interaction between private and post suggests that there is a 

differential impact of the Act on children who go to private schools vs. non-private schools. 

After the Act, private schools appear to be doing better than non-private schools on relatively 

simpler measures of language and math and worse on the harder tests. 
 (5) (6) (7) (8) 
 Single Digit 

Counting 
Double Digit 

Counting Subtraction Division 

Private School x Post 0.032*** 0.031*** -0.014*** -0.038*** 
 (0.000) (0.000) (0.000) (0.000) 
Private School 0.201*** 0.202*** 0.183*** 0.152*** 
 (0.000) (0.001) (0.001) (0.001) 
Post -0.252*** -0.289*** -0.290*** -0.196*** 
 (0.001) (0.001) (0.001) (0.001) 
Child Female 0.094*** 0.064*** 0.035*** 0.011*** 
 (0.000) (0.000) (0.000) (0.000) 
HH Electricity Connection 0.020*** 0.069*** 0.067*** 0.047*** 
 (0.000) (0.000) (0.000) (0.000) 
Other School 0.108*** 0.0451*** (0.00384) -0.0336*** 
 (0.003) (0.004) (0.004) (0.003) 
Mother Went to School 0.097*** 0.105*** 0.088*** 0.060*** 
 (0.000) (0.000) (0.000) (0.000) 
Maximum Light -0.002*** 0.002*** 0.001*** 0.001*** 
 (0.000) (0.000) (0.000) (0.000) 
Constant 0.659*** 0.534*** 0.390*** 0.239*** 
 (0.000) (0.000) (0.000) (0.000) 
Year Dummies Included Yes Yes Yes Yes 

Child x Year Observations 5223643 5223643 5223643 5223643 

R-squared 0.105 0.093 0.079 0.054 
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Average Number of Children 
in a Year 522365 522365 522365 522365 

Table 8 Continued. The impact on test scores in private schools. Sample consists of all 
children except those who attend Madrasas, have never enrolled in school or have dropped 
out. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * 
p<0.1 
 

There is a similar trend observed in math score test results as children in private schools are 

3% more likely to be able to complete the relatively easier math tests and 1.5% and 4% less 

likely to be able to subtract and divide compared to children in non-private schools.  

 

Minority and Non-Minority Schools: 

While Table 8 considers students who all attend schools impacted by the Act, Table 9 looks 

at the impact of the Act on test scores.  

 
  (1)  (2)  (3)  (4) 

  Read Letter Read Words Read Para Read Story 

Non Minority x Post 0.110*** 0.048*** 0.014* 0.001 
  (0.005) (0.006) (0.005) (0.005) 
Non Minority 0.143*** 0.202*** 0.219*** 0.189*** 
  (0.004) (0.004) (0.004) (0.004) 
Post -0.434*** -0.398*** -0.307*** -0.226*** 
  (0.005) (0.006) (0.005) (0.005) 
Child Female 0.013*** 0.009*** 0.012*** 0.015*** 
  (0.001) (0.001) (0.001) (0.001) 

HH Electricity Connection 0.063*** 0.107*** 0.111*** 0.100*** 
  (0.001) (0.001) (0.001) (0.001) 

Mother Went to School 0.051*** 0.072*** 0.073*** 0.0697*** 
  (0.000) (0.000) (0.000) (0.000) 
Maximum Light 0.001*** 0.003*** 0.004*** 0.004*** 
  (0.000) (0.000) (0.000) (0.000) 

Constant 0.733*** 0.513*** 0.340*** 0.214*** 
  (0.004) (0.004) (0.004) (0.004) 
Year Dummies Included Yes Yes Yes Yes 
Child x Year Observations 4173489 4173489 4173489 4173489 
R-squared 0.066 0.056 0.040 0.028 
Average Number of Children in a Year 417348 417348 417348 417348 

Table 9. The impact on test scores in non-minority schools. Sample consists of children who attend Madrasas, 
private schools or other schools in the ASER data. Robust standard errors in parentheses. P values reported: *** 
p<0.01, ** p<0.05, * p<0.1 
 
Minority schools were not expected to follow the rules in the Act and therefore act as a 

control group. Again, the Act seems to be correlated with a decrease in children’s learning 

and the effect on test scores is mixed for the children attending non-minority schools.  Some 

minor positive impacts are on the relatively simpler measures of reading and math. The 
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results are more mixed on how much of an impact the Act had on test scores as some 

interaction terms are insignificant. 

 

 
 (5) (6) (7) (8) 

  Single Digit Counting Double Digit Counting Subtraction Division 

Non Minority x Post 0.061*** 0.038*** -0.016** -0.047*** 
  (0.005) (0.006) (0.005) (0.004) 
Non Minority 0.154*** 0.207*** 0.229*** 0.182*** 
  (0.004) (0.004) (0.004) (0.003 
Post -0.355*** -0.380*** -0.337*** -0.198*** 
  (0.005) (0.006) (0.005) (0.004) 
Child Female 0.010*** -0.0044*** -0.010*** -0.016*** 
  (0.001) (0.000) (0.000) (0.000) 
HH Electricity Connection 0.056*** 0.114*** 0.104*** 0.072*** 
  (0.000) (0.000) (0.000) (0.000) 
Mother Went to School 0.045*** 0.078*** 0.081*** 0.060*** 
  (0.000) (0.000) (0.000) (0.000) 
Maximum Light 0.001*** 0.0037*** 0.003*** 0.002*** 
  (0.000) (0.000) (0.000) (0.000) 
Constant 0.721*** 0.505*** 0.292*** 0.143*** 
  (0.004) (0.004) (0.004) (0.004) 
Year Dummies Included Yes Yes Yes Yes 
Child x Year Observations 4173489 4173489 4173489 4173489 
R-squared 0.054 0.053 0.056 0.037 
Average Number of Children in a Year 417348 417348 417348 417348 

Table 9 Continued. The impact on test scores in non-minority schools. Sample consists of children who attend 
Madrasas, private schools or other schools in the ASER data. Robust standard errors in parentheses.  
 
The harder math tests, subtraction and division, are most negatively impacted in non-minority 

schools after the Act. Overall, the Act does not seem to have substantially improved test 

scores, and it is possible that the Act had a negative impact on learning outcomes.  

 

6.4 Robustness Checks 

 

6.4.1 Enrolments  

 

In order to check that the results of the impact of the Act on enrolments are robust, two 

different intensity measures are used to identify districts in which we are likely to see a larger 

effect on enrolment composition and districts in which we expect to see a smaller effect. The 

results are consistent using both measures of intensity.  
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The initial results consider 2010 to be a transition year and start the post period in 2011, to 

check if these results are robust, the specifications are run including 2010 in the post Act 

period. The Act came into action in August 2010, which means that it was in existence for the 

majority of that academic year, so we should see the impact in that year as well. Tables 16 to 

19 in the Appendix illustrate similar results to the main specifications. 

 

6.4.2 Test Scores 

 

The model estimating the impact of the Act on private school test scores and the model that 

estimates the impact of the Act on non-minority institutions are replicated without including 

year effects and the results remain largely consistent and can be found in Table 14 and Table 

15 in the Appendix.  

7. Discussion 
 

In this section, I will discuss possible reasons for the results. While the estimates capture 

most of the district variation, the sample is restricted to the 2001 census districts and could be 

missing trends in other districts. The magnitude of the changes in enrolment are challenging 

to determine as the estimates of out of school children and the number of children in each 

district vary. The figures below are rough approximations of the impact on enrolments, 

estimated using average district level information. 

 

The largest impact of the Act on enrolments appears to be in private schools. Districts with a 

larger disadvantaged population are associated with an increase in share of disadvantaged 

children enrolled in private schools. Since there are more children eligible to enrol under the 

Act in these districts, it makes sense that we see an increase. Between 2005 and 2017, total 

enrolments in private schools has increased by between 40 and 100%. The substantial 

increase in private school enrolments coincides with the number of private schools in a 

district almost doubling after the Act was passed. This demonstrates the increasing demand 

for private schools in India. Additionally, the rise in affordable and ‘low fee’ private schools 

has resulted in more families considering private school as an option.18 Since many births are 

not officially registered in India, it is difficult to know the true number of children not 

                                                 
18 Given this paper uses data up until 2017, there are likely to be more children who have changed from 
government to private schools (The prior estimates considered 2010 to 2015).  
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enrolled in schools, but an estimated range is between 50,000 and 60,000 children on average 

in a district. Since so many births are not officially registered in India, there are likely more 

children out of school than current estimates. Official demographic estimates exist but vary 

substantially across different surveys making policy evaluation challenging and comparisons 

complicated. Despite this estimate that c. 14,200 additional students are enrolled. This 

suggests that the policy has seen some success.  

 

A part of the increase in private school enrolments could be due to population growth, but the 

positive impact of the Act on the share of disadvantaged children enrolled suggests that 

population growth does not explain all of it. Overall, the Act appears to increase the share of 

disadvantaged students (out of total enrolments) in private schools by approximately 4%. 

While there is clearly a positive impact of the Act on the number of disadvantaged students 

enrolled, the magnitude of that impact is hard to evaluate. In all schools in a district, the share 

of disadvantaged children enrolled on average increases by about 4% as well. While the 

increase in the number of disadvantaged students enrolled in schools in a district is progress 

towards ensuring education for all, there are still many children who are not enrolled in 

school.  

 

The majority of the children who are out of school are from the disadvantaged groups 

discussed in this paper (SC, ST and OBC); there are some unenrolled children who are not 

from these groups. These estimates do not account for how much district population 

compositions may change each year. A major limitation is that there are no estimates of how 

many SC, ST and OBC children are not enrolled in school. Beyond knowing the number of 

children who are not in school, we need to know the share of those children who are actively 

trying to get into school.  

 

The estimated decrease in total enrolment in schools could be due to underreporting of 

certain kinds of schools. The rise in the number of private unaided schools as well as 

unrecognised schools could mean that total enrolments are not being captured accurately. 

Private unaided schools have previously failed to report school data to the government and 

unrecognised schools are technically not supposed to be operating. Demonstrated by the 

substantial increase in private school enrolments, if more children are choosing to go to 

private unaided schools, DISE estimates may not capture the trend.  
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The Act has had a positive impact on the number of disadvantaged children enrolled, but is 

unlikely to have the ability to reach the unmet needs of all children with its current structure. 

The Act pressures schools, particularly private schools, to meet standards without providing 

adequate infrastructure or funds. For example, government schools are exempt from penalties 

for violating certain rules of the Act. The pressure on private schools has caused some low 

fee private schools to close as they cannot meet the requirements. The increase in 

bureaucracy for private schools could mean that private schools are less able to focus on 

teaching and learning. 

 

The Act is written in a way that assumes the only reason that some disadvantaged children 

are not in school is because they cannot afford to be. For many children in India, school is not 

an option and there are many other factors that prevent school enrolment. For many families 

living in poverty, the opportunity cost of children going to school is simply too high.  

 

Now we turn to the impact of the Act on test scores, more specifically at the possible causal 

channels that could explain the mixed impact on test scores. A proposed explanation for the 

reduction in test scores is the influx of relatively less prepared children in to school. 

However, increases in the number of disadvantaged children in school does not seem sizeable 

enough to fully explain the decrease in test scores seen in the previous section.  

 

Another cause could simply be that kids are not attending school despite being enrolled. 

While a focus on increasing enrolments is important to increasing access to education, it does 

not directly translate to attendance. This is highlighted by the significant variation in 

attendance rates across India. The disparity between enrolment and actual school attendance 

is more evident when parents and schools face pressure to show high enrolment rates in the 

presence of compulsory schooling laws and budget related rules. (Glewwe and Muralidharan 

2016) 

 

Another potential reason for the decline in test scores is teacher absenteeism. If teachers are 

frequently absent, not only does it cause a disruption to student learning, it could also hinder 

a child’s incentive to attend school. For students who already have school attendance 

obstacles, teacher absenteeism would be unlikely to encourage student attendance.  
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The possible reduction in test scores could also be related to how the Act asks schools to 

handle children who need to repeat a grade (‘repeaters’). After the Act was passed, there has 

been a consistent decrease in the overall number of repeaters in each class. The rule that 

students should not be held back could be leaving students less prepared for later courses and 

increasing instructional mismatch in classrooms.  

 

There are limitations to using Madrasas as a control group since the model cannot control for 

religion which could have a significant impact on enrolment, curriculum and social attitudes. 

Madrasas could have different learning patterns as compared to other kinds of schools, 

making them a less appropriate control group.  

 

It is worth noting that test scores may not capture learning entirely. Omitted variables from 

this study could be missing other factors that impact test scores. The model used does not 

account for quality of schooling beyond the type of school which that could bias the 

estimates. There is a lack of information on teacher quality as well. Since there is no 

information on household income, household electricity is used as a proxy, but since it is 

binary, it does not account for the range of possible incomes.  

8. Conclusion 
 

This paper uses administrative and survey data on schools and learning outcomes to estimate 

the causal impact of the Right to Education Act on enrolments and test scores. I find that an 

increase in private school enrolments after the Act has helped more students enrol in school. 

After accounting for children who have switched from government schools to private 

schools, there is still a positive impact of the Act on overall private school enrolments. Out of 

total enrolments in a district, the share of disadvantaged students enrolled also increases after 

the Act. This increase does not seem large enough to entirely close the gap in enrolments, but 

it is an improvement. The models do not account for changing district population 

compositions over time and there may be other factors that influence the demand and supply 

of enrolments in a district that are not accounted for.  

 

While enrolment has increased, students have not shown improvements in math and language 

learning outcomes. At best, the results do not show that test scores improved substantially 

after the Act, and may have conversely led to negative impacts. Though there is an increase 
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in the number of disadvantaged children in school after the Act, it does not appear to be a 

sizeable enough increase to entirely explain the decrease in test scores. The test score models 

do not account for variables such as teacher quality, measures of schooling quality and 

varying curricula across schools. These omitted variables could bias the estimates.  

 

Future research on the differential impact of the Act by gender would help gauge India's 

progress towards expanding female access to primary and upper primary education. 

Additionally, research on the impact of the Act across different states will provide insight 

into how effectively states are implementing the policy.  

 

More detailed information on the number of out of school children and demographic data 

would be helpful to understand the impacts in more detail. Since the Act had so many 

different rules, isolating the impact of individual regulations is challenging. Understanding 

why children are not in school is necessary in order to create policy that encourages 

enrolment and attendance. The Act places pressure on schools to meet the standards laid out 

but there is no apparent pressure on parents who choose not to send their children to school 

for reasons other than cost. Perhaps a focus on reducing the opportunity costs for families to 

send their children to school will further reduce inequities. It is unclear what the significance 

of 25% is, as it seems arbitrary. It raises the question of how effective a centralised policy can 

be in a country as diverse as India. By way of design, the Act is limited in terms of reach and 

its focus on school inputs over anything else.  
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9. Appendix 
 
 
  
 
 
 
 
 
 
 
 
 
 
 
 
 
Figure 3. The average ST enrolment per district based on all districts (1) and based on only the 2001 census districts (2).  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Figure 4. The average SC enrolment per district based on all districts (1) and based on the only the 2001 census districts (2).  
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Figure 5. Examples of language and math tests conducted by ASER. 
 
  

(1) (2) (3) (4)  
Log (Total Enr) Log (Total Enr) Log (Total Enr) Log (Total Enr) 

Intensity 1.699 1.734 1.817 1.879  
(0.059) (0.061) (0.051) (0.050) 

Post -0.152*** -0.153*** -0.0610*** -0.0617***  
(0.000) (0.000) (0.000) (0.000) 

Intensity x post  1.510  2.592 
  (0.612)  (0.393) 
Maximum Light 0.00833** 0.00839** 0.00981*** 0.00989***  

(0.003) (0.003) (0.000) (0.000) 
# Teachers with Graduate  
Qualifications 

-0.0000113*** -0.0000114*** -0.0000183*** -0.0000185*** 
 

(0.000) (0.000) (0.000) (0.000) 
# Teachers with Prof.  
Qualifications 

0.0000186*** 0.0000187*** 0.0000168*** 0.0000169*** 
 

(0.000) (0.000) (0.000) (0.000) 
Maximum District Enrolment 0.00000107*** 0.00000106*** 0.00000127*** 0.00000127***  

(0.000) (0.000) (0.000) (0.000) 
# Department of Education Schools 0.000101*** 0.000101*** 0.0000846*** 0.0000857*** 
  (0.000) (0.000) (0.000) (0.000) 
# Tribal/Social Schools 0.0000945** 0.0000949** 0.000101** 0.000102** 
  (0.001) (0.001) (0.001) (0.001) 
# Local Body Schools -0.0000307 -0.0000302 -0.00000951 -0.00000909 
  (0.373) (0.381) (0.799) (0.808) 
# Private Aided Schools 0.000160** 0.000162** 0.000115* 0.000118* 
  (0.002) (0.002) (0.023) (0.020) 
# Private Unaided Schools -0.000108** -0.000107** -0.000143*** -0.000142*** 
  (0.005) (0.005) (0.000) (0.000) 
# Other Schools 0.0000946*** 0.0000944*** 0.000141*** 0.000140*** 
  (0.000) (0.000) (0.000) (0.000) 
# Central Schools -0.000904* -0.000900* 0.0000877 0.0000944 
  (0.020) (0.021) (0.834) (0.821) 
# Unrecognised Schools 0.000181*** 0.000181*** 0.000163*** 0.000162***  

(0.000) (0.000) (0.000) (0.000) 
Difference from 25% Disadv. Enrolment -0.813* -0.832* -0.905* -0.937*  

(0.028) (0.031) (0.016) (0.016) 
Total Non-Farm Employment 8.33e-08*** 8.34e-08*** 0.000000118*** 0.000000119*** 
  (0.001) (0.000) (0.000) (0.000) 
Total Literate Population 0 0 0 0 
  (.) (.) (.) (.) 
Constant 11.64*** 11.64*** 11.62*** 11.62***  

(0.000) (0.000) (0.000) (0.000) 
District x Year Observations 5396 5396 5396 5396 
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R-squared 0.436 0.436 0.388 0.388 
Year Dummies Yes Yes No No 
District FE Yes Yes Yes Yes 

Table. 10 Using the second measure of intensity. Impact on enrolments in all schools. The sample consists of all schools. 
Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
 
 
 
 
 
 
 
 
 
 
  

(1) (2) (3) (4)  
Share Disadv. Share Disadv. Share Disadv. Share Disadv. 

Intensity -2.409*** -2.650*** -2.380*** -2.679***  
(0.000) (0.000) (0.000) (0.000) 

Post 0.0416*** 0.0455*** 0.0125*** 0.0158***  
(0.000) (0.000) (0.000) (0.000) 

Intensity x post  -10.57*  -12.54* 
  (0.045)  (0.033) 
Maximum Light -0.00159 -0.00199* -0.00173 -0.00212*  

(0.105) (0.036) (0.067) (0.020) 
# Teachers with Graduate  
Qualifications 

0.000000652 0.00000117 0.00000201 0.00000264* 
 

(0.552) (0.288) (0.060) (0.014) 
# Teachers with Prof.  
Qualifications 

0.000000169 -0.000000207 -6.64e-08 -0.000000526 
 

(0.884) (0.858) (0.954) (0.649) 
Maximum District Enrolment -0.000000153*** -0.000000140*** -0.000000167*** -0.000000151***  

(0.000) (0.000) (0.000) (0.000) 
# Department of Education Schools 0.0000411*** 0.0000364*** 0.0000391*** 0.0000340*** 
  (0.000) (0.000) (0.000) (0.000) 
# Tribal/Social Schools 0.0000307*** 0.0000278*** 0.0000242*** 0.0000210** 
  (0.000) (0.000) (0.001) (0.003) 
# Local Body Schools 0.0000681*** 0.0000649*** 0.0000526*** 0.0000506*** 
  (0.000) (0.000) (0.000) (0.000) 
# Private Aided Schools 0.0000349 0.0000216 0.0000242 0.0000106 
  (0.168) (0.394) (0.366) (0.691) 
# Private Unaided Schools -0.0000142 -0.0000187 -0.0000115 -0.0000168 
  (0.288) (0.178) (0.388) (0.227) 
# Other Schools -0.00000862 -0.00000705 -0.0000101 -0.00000856 
  (0.428) (0.613) (0.353) (0.553) 
# Central Schools -0.00101** -0.00104** -0.00108** -0.00111** 
  (0.005) (0.004) (0.006) (0.004) 
# Unrecognised Schools -0.0000346* -0.0000282 -0.0000256 -0.0000183  

(0.022) (0.121) (0.064) (0.318) 
Difference from 25% Disadv. Enrolment -2.379*** -2.249*** -2.441*** -2.288***  

(0.000) (0.000) (0.000) (0.000) 
Total Non-Farm Employment -8.81e-09 -9.45e-09 -1.30e-08 -1.37e-08 
  (0.344) (0.314) (0.171) (0.150) 
Total Literate Population 0 0 0 0 
  (.) (.) (.) (.) 
Constant 0.758*** 0.761*** 0.780*** 0.783***  

(0.000) (0.000) (0.000) (0.000) 
District x Year Observations 5396 5396 5396 5396 
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R-squared 0.662 0.670 0.630 0.641 
Year Dummies Yes Yes No No 
District FE Yes Yes Yes Yes 

Table 11. Using the second measure of intensity. Impact on the share of disadvantaged students enrolled in all schools. The 
sample consists of all schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
 
 
 
 
 
 
 
 
 
 
  

(1) (2) (3) (4) 
 

Log (Total Enr) Log (Total Enr) Log (Total Enr) Log (Total Enr) 

Intensity 7.929* 8.005* 6.406* 6.476* 
 

(0.013) (0.013) (0.039) (0.039) 

Post 0.763*** 0.761*** 0.315*** 0.314*** 
 

(0.000) (0.000) (0.000) (0.000) 

Intensity x post  1.741  1.494 

  (0.807)  (0.833) 

Maximum Light 0.0438*** 0.0438*** 0.0635*** 0.0635*** 
 

(0.000) (0.000) (0.000) (0.000) 

Difference from 25% Disadv. Enrolment -4.117** -4.170*** -4.615*** -4.660*** 
 

(0.001) (0.001) (0.000) (0.000) 

Total Non-Farm Employment -9.74e-08 -0.000000116 -0.000000231 -0.000000247 
 

(0.827) (0.792) (0.608) (0.577) 

Constant 10.23*** 10.24*** 10.44*** 10.45*** 
 

(0.000) (0.000) (0.000) (0.000) 

District x Year Observations 5261 5261 5261 5261 

Year Dummies Yes Yes No No 

District FE Yes Yes Yes Yes 

Table 12. Using the second measure of intensity. The impact on total enrolments in private schools only. The sample 
consists of only private schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
  

(1) (2) (3) (4) 
 

Share Disadv. Share Disadv. Share Disadv. Share Disadv. 
Intensity 0.462 0.105 0.526 0.105 
 

(0.279) (0.794) (0.221) (0.796) 

Post 0.0359** 0.0488*** 0.0362*** 0.0452*** 
 

(0.008) (0.000) (0.000) (0.000) 

Intensity x post  -9.424***  -9.920*** 

  (0.000)  (0.000) 

Maximum Light -0.00465*** -0.00458*** -0.00464*** -0.00455*** 
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(0.000) (0.000) (0.000) (0.000) 

Difference from 25% Disadv. Enrolment -3.537*** -3.159*** -3.555*** -3.165*** 
 

(0.000) (0.000) (0.000) (0.000) 

Total Non-Farm Employment -1.02e-08 1.76e-08 -9.37e-09 2.09e-08 
 

(0.807) (0.681) (0.823) (0.627) 

Constant -3.99e-08*** -4.18e-08*** -4.01e-08*** -4.24e-08*** 
 

(0.000) (0.000) (0.000) (0.000) 

Intensity 0.729*** 0.715*** 0.723*** 0.717*** 
 

(0.000) (0.000) (0.000) (0.000) 

District x Year Observations 5261 5261 5261 5261 

R-sq 0.343 0.352 0.338 0.348 

Year Dummies Yes Yes No No 

District FE No No No No 

Table 13. Using the second measure of intensity. The impact on the share of disadvantaged students enrolled in private 
schools only. The sample consists of only private schools. Robust standard errors in parentheses. P values reported: *** 
p<0.01, ** p<0.05, * p<0.1 
 

         

 (1) (2) (3) (4) (5) (6) (7) (8) 

 Read Letter Read Words Read Para Read Story Single Digit 
Counting 

Double Digit 
Counting Subtraction Division 

Private x Post 0.0303*** 0.0127*** -0.00315** -0.0180*** 0.0300*** 0.0297*** -0.0157*** -0.0388*** 
 (0.000788) (0.000972) (0.00106) (0.00109) (0.000788) (0.000968) (0.00108) (0.00103) 

Private 0.201*** 0.198*** 0.192*** 0.182*** 0.202*** 0.203*** 0.184*** 0.153*** 
 (0.000569) (0.000762) (0.000864) (0.000903) (0.000576) (0.000764) (0.000886) (0.000884) 

Post -0.179*** -0.182*** -0.151*** -0.107*** -0.162*** -0.179*** -0.183*** -0.131*** 
 (0.000505) (0.000528) (0.000525) (0.000495) (0.000505) (0.000529) (0.000510) (0.000443) 

Child Female 0.0945*** 0.0765*** 0.0657*** 0.0550*** 0.0948*** 0.0648*** 0.0356*** 0.0118*** 
 (0.000400) (0.000427) (0.000431) (0.000413) (0.000399) (0.000427) (0.000418) (0.000364) 

HH Electricity 
Connection 0.00200*** 0.0353*** 0.0467*** 0.0445*** -0.00123** 0.0393*** 0.0404*** 0.0304*** 

 (0.000466) (0.000492) (0.000491) (0.000466) (0.000466) (0.000492) (0.000476) (0.000415) 

Other School 0.120*** 0.0521*** 0.0118** -0.0103* 0.119*** 0.0552*** 0.00614 -0.0276*** 
 (0.00372) (0.00437) (0.00436) (0.00401) (0.00371) (0.00436) (0.00424) (0.00344) 

Mother Went to 
School 0.102*** 0.103*** 0.0923*** 0.0786*** 0.0992*** 0.108*** 0.0913*** 0.0615*** 

 (0.000410) (0.000437) (0.000440) (0.000421) (0.000409) (0.000437) (0.000427) (0.000372) 

Maximum Light -0.00187*** 0.000349*** 0.00125*** 0.00154*** -0.00186*** 0.000384*** 0.00105*** 0.000908*** 
 (0.0000368) (0.0000387) (0.0000390) (0.0000375) (0.0000367) (0.0000386) (0.0000378) (0.0000330) 

Constant 0.638*** 0.499*** 0.382*** 0.262*** 0.637*** 0.492*** 0.354*** 0.217*** 
 (0.000480) (0.000514) (0.000515) (0.000485) (0.000480) (0.000514) (0.000505) (0.000442) 

Year Dummies 
Included No No No No No No No No 

Child x Year 
Observations 5223643 5223643 5223643 5223643 5223643 5223643 5223643 5223643 

R-squared 0.095 0.080 0.064 0.051 0.090 0.083 0.068 0.048 
Average Number of 
Children in a Year 522365 522365 522365 522365 522365 522365 522365 522365 

Table 14. Robustness Check Results. The impact on test scores in private schools. Sample consists of all children except 
those who attend Madrasas, have never enrolled in school or have dropped out. Robust standard errors in parentheses. P 
values reported: *** p<0.01, ** p<0.05, * p<0.1 
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 (1) (2) (3) (4) (5) (6) (7) (8) 

 Read Letter Read Words Read Para Read Story Single Digit 
Counting 

Double Digit 
Counting Subtraction Division 

Non-Minority x Post 0.0997*** 0.0381*** 0.00554 -0.00583 0.0512*** 0.0277*** -0.0262*** -0.0531*** 
 

(0.00567) (0.00601) (0.00569) (0.00503) (0.00572) (0.00602) (0.00525) (0.00401) 
Non-Minority 0.147*** 0.208*** 0.224*** 0.194*** 0.158*** 0.215*** 0.235*** 0.186*** 

 
(0.00420) (0.00483) (0.00468) (0.00418) (0.00427) (0.00484) (0.00449) (0.00353) 

Post -0.274*** -0.227*** -0.167*** -0.111*** -0.206*** -0.209*** -0.181*** -0.105*** 
 

(0.00566) (0.00600) (0.00567) (0.00501) (0.00571) (0.00601) (0.00523) (0.00399) 
Child Female 0.0118*** 0.00928*** 0.0114*** 0.0148*** 0.0103*** -0.00489*** -0.0110*** -0.0171*** 

 
(0.000373) (0.000450) (0.000480) (0.000478) (0.000368) (0.000452) (0.000478) (0.000431) 

HH Electricity 
Connection 0.0390*** 0.0760*** 0.0855*** 0.0771*** 0.0357*** 0.0814*** 0.0740*** 0.0534*** 

 
(0.000429) (0.000522) (0.000556) (0.000550) (0.000424) (0.000525) (0.000549) (0.000499) 

Other School 0.0492*** 0.0726*** 0.0731*** 0.0703*** 0.0435*** 0.0788*** 0.0820*** 0.0611*** 
 

(0.000380) (0.000460) (0.000492) (0.000491) (0.000375) (0.000462) (0.000490) (0.000444) 
Mother Went to 

School 0.00171*** 0.00385*** 0.00452*** 0.00434*** 0.00178*** 0.00401*** 0.00377*** 0.00272*** 
 

(0.0000362) (0.0000439) (0.0000473) (0.0000476) (0.0000359) (0.0000446) (0.0000471) (0.0000426) 
Maximum Light 0.712*** 0.474*** 0.307*** 0.181*** 0.703*** 0.459*** 0.253*** 0.119*** 

 
(0.00420) (0.00483) (0.00468) (0.00418) (0.00427) (0.00484) (0.00448) (0.00352) 

Constant 0.0997*** 0.0381*** 0.00554 -0.00583 0.0512*** 0.0277*** -0.0262*** -0.0531*** 
 

(0.00567) (0.00601) (0.00569) (0.00503) (0.00572) (0.00602) (0.00525) (0.00401) 
Year Dummies 

Included No No No No No No No No 

Child x Year 
Observations 4173489 4173489 4173489 4173489 4173489 4173489 4173489 4173489 

R-squared 0.049 0.045 0.034 0.024 0.040 0.044 0.046 0.033 
Average Number of 
Children in a Year 417348 417348 417348 417348 417348 417348 417348 417348 

Table 15. Robustness Check Results. The impact on test scores in non-minority schools. Sample consists of all children 
except those who have never enrolled in school or have dropped out. Robust standard errors in parentheses. P values 
reported: *** p<0.01, ** p<0.05, * p<0.1 
 
 
 

   Log(Total Enrolment)   Log(Total Enrolment)   Share of Disadv.   Share of Disadv.  

 Intensity * Post     -0.09    -0.0882***  
     (0.12)    (0.02) 

 Intensity   0.15   0.20   -0.254***   -0.205***  
   (0.18)  (0.21)  (0.05)  (0.05) 

 Post   -0.163***   -0.153***   0.0593***   0.0699***  
   (0.02)  (0.02)  (0.01)  (0.01) 

 Maximum Light   0.00902***   0.00870***   -0.00258**   -0.00291***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 perc_to_25   -0.298**   -0.291*   -3.112***   -3.105***  
   (0.15)  (0.15)  (0.07)  (0.07) 
 # Teachers with Graduate Qualifications   -1.10e-05***   -1.12e-05***   0.00   -0.00 
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Teachers with Prof. Qualifications   1.87e-05***   1.88e-05***   0.00   0.00  
   (0.00)  (0.00)  (0.00)  (0.00) 
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 Maximum District Enrolment   1.06e-06***   1.06e-06***   -1.45e-07***   -1.51e-07***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Department of Education Schools   0.000106***   0.000106***   3.24e-05***   3.25e-05***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Tribal/Social Schools   9.27e-05***   9.31e-05***   3.25e-05***   3.29e-05***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Local Body Schools   (0.00)  (0.00)  6.11e-05***   6.15e-05***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Private Aided Schools   0.000138**   0.000122**   7.16e-05**   5.55e-05*  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Private Unaided Schools   -0.000114***   -0.000111***   (0.00)  (0.00) 
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Other Schools   9.75e-05***   9.68e-05***   (0.00)  (0.00) 
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Central Schools   -0.000909**   -0.000864**   -0.00101***   -0.000962***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 # Unrecognised Schools   0.000185***   0.000179***   -4.04e-05**   -4.61e-05***  
   (0.00)  (0.00)  (0.00)  (0.00) 

 Total Non-Farm Employment   8.55e-08***   8.49e-08***   (0.00)   
   (0.00)  (0.00)  (0.00)   

 Total Literate Population   -   -   -    
          

 Constant   11.62***   11.62***   0.785***   0.786***  
   (0.04)  (0.04)  (0.01)  (0.01) 

          
 District Fixed Effects   Yes   Yes   Yes   Yes  

 Year Dummies Included   Yes   Yes   Yes   Yes  
 District x Year Observations   5,396.00   5,396.00   5,396.00   5,396.00  

 R-squared   0.44   0.44   0.66   0.66  
 Number of districts   503.00   503.00   503.00   503.00  

Table 16. Robustness Check results. The Impact of the Act on Enrolments in All Schools using the first measure of 
intensity. Sample consists of all schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * 
p<0.1 
 

 (1) (2) (3) (4) 

Independent Variables Log(Total Enrolment) Log(Total Enrolment) Share Disadv. Share Disadv. 

Intensity * Post  -0.189  0.0211 
 

 (0.1190)  (0.0170) 
Intensity - - 0.375*** 0.364*** 
 

  (0.0108) (0.0145) 
Post 0.749*** 0.825*** 0.0410*** 0.0341** 
 (0.0588) (0.0762) (0.0124) (0.0141) 
Maximum Light 0.0471*** 0.0431*** -0.00254*** -0.00252*** 
 (0.0120) (0.0124) (0.0006) (0.0006) 
Difference from 25% Disadv. Enrolment -1.883*** -1.870*** -3.266*** -3.268*** 
 (0.5610) (0.5620) (0.0741) (0.0741) 
Total Non-Farm Employment -1.40E-07 -2.94E-07 -1.42e-07*** -1.40e-07*** 
 (0.0000) (0.0000) (0.0000) (0.0000) 
Total Literate Population - - 2.42e-08*** 2.38e-08*** 
   (0.0000) (0.0000) 
Constant 10.23*** 10.26*** 0.551*** 0.555*** 
 (0.0683) (0.0716) (0.0120) (0.0126) 

District Fixed Effects Yes Yes No No 

Year Dummies Included Yes Yes Yes Yes 
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District x Year Observations 5,261 5,261 5,261 5,261 

R-squared 0.243 0.244 0.432 0.432 
Number of districts 503 503 503 503 

Table 17. Robustness Check results. The Impact of the Act on Enrolments in Private Schools using the first measure of 
intensity. Sample consists of only private schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** 
p<0.05, * p<0.1 
 
 
 
 
 
 
 
 
 
 
 
 
 

 Log(Total Enrolment) Log(Total Enrolment) Share of Disadv. Share of Disadv. 

Intensity * Post  1.51  -10.57* 
 

 -0.925 -0.32 -0.341 
Intensity 1.699 1.734 -2.409*** -2.650*** 
 (0.8990) (0.9250) (0.3200) (0.3410) 
Post -0.152*** -0.153*** 0.0416*** 0.0455*** 
 (0.0211) (0.0212) (0.0060) (0.0060) 
Maximum Light 0.00833** 0.00839** -0.00159 -0.00199* 
 (0.00) (0.00) (0.00) (0.00) 
perc_to_25 -0.813* -0.832* -2.379*** -2.249*** 
 (0.3690) (0.3830) (0.1340) (0.1320) 
# Teachers with Graduate Qualifications -0.0000113*** -0.0000114*** 0.000000652 0.00000117 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Teachers with Prof. Qualifications 0.0000186*** 0.0000187*** 0.000000169 -0.000000207 
 (0.0000) (0.0000) (0.0000) (0.0000) 
Maximum District Enrolment 0.00000107*** 0.00000106*** -0.000000153*** -0.000000140*** 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Department of Education Schools 0.000101*** 0.000101*** 0.0000411*** 0.0000364*** 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Tribal/Social Schools 0.0000945** 0.0000949** 0.0000307*** 0.0000278*** 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Local Body Schools -0.0000307 -0.0000302 0.0000681*** 0.0000649*** 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Private Aided Schools 0.000160** 0.000162** 0.0000349 0.0000216 
 (0.0001) (0.0001) (0.0000) (0.0000) 
# Private Unaided Schools -0.000108** -0.000107** -0.0000142 -0.0000187 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Other Schools 0.0000946*** 0.0000944*** -0.00000862 -0.00000705 
 (0.0000) (0.0000) (0.0000) (0.0000) 
# Central Schools -0.000904* -0.000900* -0.00101** -0.00104** 
 (0.0004) (0.0004) (0.0004) (0.0004) 
# Unrecognised Schools 0.000181*** 0.000181*** -0.0000346* -0.0000282 
 (0.0000) (0.0000) (0.0000) (0.0000) 
Total Non-Farm Employment 8.33e-08*** 8.34e-08*** -8.81E-09 -9.45E-09 
 (0.0000) (0.0000) (0.0000) (0.0000) 
Total Literate Population 0 0 0 0 
 (.) (.) (.) (.) 
Constant 11.64*** 11.64*** 0.758*** 0.761*** 
 (0.0402) (0.0403) (0.0128) (0.0129) 
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District Fixed Effects Yes Yes Yes Yes 
Year Dummies Included Yes Yes Yes Yes 

District x Year Observations 5396 5396 5396 5396 
R-squared 0.436 0.436 0.662 0.67 

Number of districts 503 503 503 503 
Table 18. Robustness Check results. The Impact of the Act on Enrolments in All Schools using the second measure of 
intensity. Sample consists of all schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * 
p<0.1 
 
 
 
 
 
 
 
 
 
 
 

 (1) (2) (3) (4) 

Independent Variables Log(Total Enrolment) Log(Total Enrolment) Share Disadv. Share Disadv. 

Intensity * Post  1.741  -9.424*** 
 

 (7.14)  (1.30) 
Intensity 7.929* 8.005* 0.462 0.105 
 (3.1800) (3.2010) (0.4270) (0.4030) 
Post 0.763*** 0.761*** 0.0359** 0.0488*** 
 (0.0584) (0.0583) (0.0135) (0.0135) 
Maximum Light 0.0438*** 0.0438*** -0.00465*** -0.00458*** 
 (0.0118) (0.0118) (0.0006) (0.0007) 
Difference from 25% Disadv. Enrolment -4.117** -4.170*** -3.537*** -3.159*** 
 (1.2520) (1.2510) (0.1560) (0.1480) 
Total Non-Farm Employment -9.74E-08 -0.000000116 -1.02E-08 1.76E-08 
 (0.0000) (0.0000) (0.0000) (0.0000) 
Total Literate Population   -3.99e-08*** -4.18e-08*** 
   (0.0000) (0.0000) 
Constant 10.23*** 10.24*** 0.729*** 0.715*** 
 (0.0680) (0.0649) (0.0107) (0.0109) 
     

District Fixed Effects Yes Yes No No 

Year Dummies Included Yes Yes Yes Yes 

District x Year Observations 5,261 5,261 5,261 5,261 

R-squared 0.243 0.244 0.432 0.432 
Number of districts 503 503 503 503 

 
Table 19. Robustness Check results. The Impact of the Act on Enrolments in Private Schools using the second measure of 
intensity. Sample consists of only private schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** 
p<0.05, * p<0.1 
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 (1) (2) (3) (4) 
  Share Disadv. Share Disadv. Share Disadv. Share Disadv. 

Independent Variables 
Without 

Interaction 
With 

Interaction 
Without 

Interaction 
With 

Interaction 

          
Intensity * Post   -0.0882***   -0.0794*** 
    (0.0227)   (0.0218) 
Intensity -0.254*** -0.205*** -0.140*** -0.0929** 
  (0.0494) (0.0498) (0.0403) (0.0421) 
Post 0.0593*** 0.0699*** 0.0175*** 0.0257*** 
  (0.00676) (0.00784) (0.00359) (0.00469) 
Maximum Light -0.00258** -0.00291*** -0.00256*** -0.00286*** 
  (0.00100) (0.00102) (0.000977) (0.000996) 
Difference from 25% Disadv. 
Enrolment -3.112*** -3.105*** -3.168*** -3.162*** 
  (0.0738) (0.0737) (0.0741) (0.0741) 
# Teachers with Graduate Qualifications -1.13E-08 -2.28E-08 -0.000002 -0.0000189 
  (1.14e-06) (1.13e-06) (1.11e-06) (1.11e-06) 
# Teachers with Prof. Qualifications 9.73e-08 1.75e-07 -2.45e-07 -1.72e-07 
  (1.19e-06) (1.19e-06) (1.19e-06) (1.19e-06) 
Maximum District Enrolment 3.24e-05*** 3.25e-05*** 3.37e-05*** 3.40e-05*** 
  (7.49e-06) (7.62e-06) (7.45e-06) (7.55e-06) 
# Department of Education Schools 3.25e-05*** 3.29e-05*** 2.78e-05*** 2.81e-05*** 
  (8.91e-06) (8.99e-06) (8.50e-06) (8.59e-06) 
# Tribal/Social Schools 6.11e-05*** 6.15e-05*** 4.85e-05*** 4.89e-05*** 
  (1.14e-05) (1.14e-05) (1.21e-05) (1.21e-05) 
# Local Body Schools 7.16e-05** 5.55e-05* 4.79e-05 3.39e-05 
  (2.89e-05) (2.96e-05) (3.00e-05) (3.12e-05) 
# Private Aided Schools -4.52e-06 -1.92e-06 -4.05e-06 -1.40e-06 
  (1.38e-05) (1.38e-05) (1.38e-05) (1.38e-05) 
# Private Unaided Schools -1.34e-05 -1.41e-05 -1.52e-05 -1.65e-05 
  (1.11e-05) (1.12e-05) (1.11e-05) (1.12e-05) 
# Other Schools -0.00101*** -0.000962*** -0.00109*** -0.00105*** 
  (0.000369) (0.000365) (0.000397) (0.000394) 
# Central Schools -4.04e-05** -4.61e-05*** -2.70e-05* -3.18e-05** 
  (1.59e-05) (1.60e-05) (1.47e-05) (1.46e-05) 
# Unrecognised Schools -1.45e-07*** -1.51e-07*** -1.69e-07*** -1.76e-07*** 
  (3.82e-08) (3.88e-08) (3.78e-08) (3.83e-08) 
Total Non-Farm Employment -1.24e-08 -1.30e-08 -1.64e-08* -1.73e-08* 
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  (9.46e-09) (9.34e-09) (9.69e-09) (9.59e-09) 
          
Constant 0.785*** 0.786*** 0.800*** 0.801*** 
  (0.0136) (0.0137) (0.0141) (0.0142) 
          

District Fixed Effects Yes Yes Yes Yes 
Year Dummies Included Yes Yes No No 
District x Year Observations 5,396 5,396 5,396 5,396 
R-squared 0.658 0.659 0.622 0.624 
Number of districts 503 503 503 503 
Robust standard errors in parentheses         

Table 5 Continued. The impact on the share of disadvantaged children out of total enrolments in all schools. Sample 
consists of all schools. Robust standard errors in parentheses. P values reported: *** p<0.01, ** p<0.05, * p<0.1 
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